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Abstract: Mass balance models have proved to be effective tools for exposure prediction in occupational
settings. However, they are still not extensively tested in real-world scenarios, or for particle number
concentrations. An industrial scenario characterized by high emissions of unintentionally-generated
nanoparticles (NP) was selected to assess the performance of a one-box model. Worker exposure to
NPs due to thermal spraying was monitored, and two methods were used to calculate emission rates:
the convolution theorem, and the cyclic steady state equation. Monitored concentrations ranged
between 4.2 x 10*-2.5 x 10° cm™. Estimated emission rates were comparable with both methods:
1.4 x 1011-1.2 x 10" min~! (convolution) and 1.3 x 10'>~1.4 x 10'® min~! (cyclic steady state).
Modeled concentrations were 1.4-6 x 10* cm™ (convolution) and 1.7-7.1 x 10* cm™3 (cyclic steady
state). Results indicated a clear underestimation of measured particle concentrations, with ratios
modeled/measured between 0.2-0.7. While both model parametrizations provided similar results
on average, using convolution emission rates improved performance on a case-by-case basis. Thus,
using cyclic steady state emission rates would be advisable for preliminary risk assessment, while for
more precise results, the convolution theorem would be a better option. Results show that one-box
models may be useful tools for preliminary risk assessment in occupational settings when room air is
well mixed.

Keywords: prediction; emission rates; air exchange rate; ultrafine particles; unintentional nanoparticles;
incidental nanoparticles; plasma spraying; worker exposure; particle mass concentration

1. Introduction

Thermal spraying is applied at an industrial scale to produce thermally- and mechanically-resistant
coatings. A feedstock material (metal, alloy or ceramic) is projected at high temperature and velocity onto
the surface to be coated. Protective coatings are widely used in the ceramic, automotive, naval, aeronautic
and metallurgy industries to prevent corrosion and wear, as well as to restore different types of damaged
surfaces [1-5]. From a risk assessment perspective, thermal spraying is known to generate unintentional
nanoparticle (NP) emissions (with diameters < 100 nm; 10° cm™3) at pilot-plant and industrial scales [6,7].
High particle mass concentrations have also been reported [8,9]. Similar NP emission and formation
mechanisms have been identified in a large variety of industrial processes [10-17].
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Identifying and modeling exposure to this kind of NPs is relevant due to their potential health
impacts. Exposure to particulate matter (PM) may cause respiratory and cardiovascular diseases [18],
where respirable particles (those which can penetrate into non-ciliated airways, EN 481, 1995) are
considered as a harmful component for human health [18-21]. Oberdorster, (2001) [22] indicated the
ability of finer size fractions (< 100 nm; NP) to penetrate deeper in the respiratory tract. In vivo studies
have revealed that NPs can cross the alveolar barrier and cause pulmonary inflammation, which turns
into cardiovascular risk [23] in much higher numbers than coarser particles, as they can reach deeper
areas in the respiratory tract and therefore have a longer retention time [21].

Thus, unintentional NP release in workplaces is a key environmental health and safety issue
which requires further research to understand the determinants of personal exposure. Mass-balance
models are useful tools for this purpose, as they allow understanding of critical factors affecting
exposure and could lead to efficient risk mitigation strategies [24]. Theoretical modeling aspects have
been extensively discussed [25-29]. Indoor exposure assessment is frequently performed using one-
and two-box models, which have been shown to predict exposure levels with relative accuracy when
adequately parametrized in several environments (e.g., indoor concentrations of volatile compounds;
PM concentrations in controlled and industrial scenarios [30,31]).

Key challenges for model application are source characterization, local controls and air mixing
rates [30,32-36]. In addition, there is a need to test model performance under real-world conditions.
Because of the large variety of indoor micro-environments and emission sources, libraries compiling
model parameters would be highly useful for modeling studies [33,37]. Source characterization requires
dedicated attention, as it is the main determinant of exposure. In the case of primary particle emissions,
tools such as the dustiness index are available to estimate emission rates. However, as in the case of
understanding exposure determinants in thermal spraying [6,7], emission rates must be quantified
from measured concentrations using methods such as the convolution theorem or mathematical mass
balance [27,38]. The use of estimated emission rates from actual monitored concentrations has been
seen to provide good modeling results in laboratory studies [35,36,39]. However, literature related to
emission rates of unintentional NP at industrial scale is limited [15,40]. As a result, emission rates for
industrial sources of unintentional NP release and its use for real-world scenario modeling is highly
valuable in view of the increasing use of prediction models and web-based risk assessment tools.

In this context, the aims of the present study are (1) to quantify NP emission rates for two different
industrials scale thermal spraying processes; and (2) to test the performance of a one-box model in
a real-world setting where high NP concentrations were monitored.

2. Materials and Methods

2.1. Work environment and Process

NP monitoring was carried out during thermal spraying of ceramic coatings in an industrial
workshop (T.M. Comas, Blanes, Barcelona, Spain). Two types of spraying were applied, 1) High
Velocity Oxy-Fuel coating spraying (HVOF), using low temperatures (< 3000 °C) and high velocities;
and 2) Atmospheric Plasma Spraying (APS), using high temperatures (up to 14000 °C) [1,7,41].
Measurements were conducted over a 4-day period in April 2016. The workshop has three thermal
spraying booths in an area of approximately 240 m? (14 m wide and 17 m in length) (Figure 1).
Here, only data from booth #1 (APS) and #3 (HVOF) will be considered for the modeling approach
(Figure 1 and Table S1, Supplementary material) given that booth #2 was not operated continuously.
The central area of the workshop (outside the booths), from now on called the worker area (WA) is
equipped with a general ventilation extraction system that consisted of three extractors with 11800 m3
h~! flow each (value provided by the company, not measured). Booth #3 and #1 were additionally
equipped with a localized extraction ventilation system (LEV), but only Booth #3’s LEV air flow rate
was provided by the company (6500 m® h™!). Booth #3’s activity periods had a short duration and
high frequency (5-10 min, 7-9 repetitions/half day) whereas in booth #1, periods had a longer duration
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and lower frequency (20-30 min, 2—4 repetitions/half day). The two booths were not operated at the
same time. However, certain activities such as the cooling and sanding of pieces were occasionally
carried out in parallel. More details on the campaign can be found in Salmatonidis et al. (2019) [7].
In booth #1 the door was usually closed while spraying although not completely, thus allowing air
mixing between the booth and the WA. In booth #3, during the activity the worker had to enter and
leave the booth more frequently due to technical needs of the process and increased the air mixing
between the booth and the WA.
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Figure 1. Modeled areas limit, volumes (m?3), ventilation air speeds (m s71), and description of
instruments deployed and their location. Green and black arrows indicate incoming air flows and
ventilation extraction flows, respectively. Dashed arrow indicates air flow from booth to WA. The table
shows parameterization of the one-box model: V (m?) is volume used for modeling, Q (m3 h 1y is
ventilation air volume flow through the WA, ACH (h™!) is the air changes per hour calculated from
measured air speeds and used for modeling.

2.2. Feedstock Material

In booth #1 (days 1 and 2), two types of commercial products (feedstock) were sprayed: Amdry
6228 (Oerlikon Metco, Pfiffikon, Switzerland) and ANVAL 50/50 (Anval) (Table S1). The Amdry
6228 formula is Al,O3 13TiO;, and it consists of alumina 84% (CAS: 1344-28-1), 14% titania (CAS:
13463-67-7), and organic binder silicon dioxide (CAS: 7631-86-9). The mean aggregate size is 36.0 pm [7]
and particles are considered angular/blocky. Amdry is classified as dangerous according to Directive
1999/45/EC [42] and its amendments. The ANVAL 50/50 formulation consists of 50% chromium (CAS:
7440-47-3) and 50% nickel (CAS: 7440-02-0). The powder’s mean aggregate size is 76.5 um [7]. The fact
that instruments were intercompared using a different type of aerosol is acknowledged as a limitation
of this work.

The feedstock sprayed in booth #3 (days 3 and 4) was a WOKA 3702-1 powder (Oerlikon Metco,
Pfaffikon, Switzerland) (Table S1). Its formula is WC 20Cr3C, 7Ni, and it consists of 69.5% tungsten
carbide (CAS: 12070-12-1), 14.5% trichromium dicarbide (CAS: 12012-35-0), 9% chromium (CAS:
7440-47-3) and 7% nickel (7440-02-0). An unspecified portion of metallic chromium and nickel may
be converted during the thermal spray process to hexavalent chromium and nickel compounds,
respectively, which are classified as IARC group 1 carcinogen (Safety data sheet, Supplementary
material). The mean aggregate size is 34.3 um [7] and particles are considered mainly spheroidal with
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an apparent density between 3.8-4.9 g cm ™. WOKA 3702-1 is classified as hazardous according to
Regulation (EC) 1272/2008 [43] and it is suspected to cause cancer.

2.3. Online Measurements and Airborne Particle Collection

Mean particle diameter, and particle number and mass concentrations were monitored inside
the booths and in the central WA (Figure 1). Additionally, particle size distribution was monitored in
the WA.

The monitoring instruments deployed were:

e A miniature diffusion size classifier (DiSCmini Matter Aerosol, Testo; sample flow rate 11 min~!)
to measure particle number concentration, mean particle size and alveolar lung deposition surface
area (LDSA) in a range of 10 to 700 nm, with a 1-minute time resolution.

e A Mini Laser Aerosol Spectrometer (Grimm, Mini-LAS 11R; sample flow rate 1.2 L min~?)
to measure particle mass concentration from 0.25 to 32 um in 31 channels, with a 1-minute
time resolution.

Inside the spraying booths, instruments were located near the cabin extraction system, and at
1.5 m from the plasma spray nozzle.

The WA instruments were located outside the booths, at approximately 4 m from the door
(Figure 1). The instruments were located between 0.5 and 1.5 m above ground. Concentrations were
monitored by using a DiSCmini and a Grimm Mini-LAS (as described above), as well as:

e An electrical mobility spectrometer (NanoScan, SMPS TSI Model 3910; sample flow rate
0.7 L min™') to measure particle number concentration and size distribution in 13 channels
from 10 to 420 nm, with a 1-minute time resolution.

e A Mini Wide Range Aerosol Spectrometer (Mini-WRAS 1371; sample flow rate 1.2 L min~!) to
measure particle mass concentration, number concentration and size distribution from 10 nm to
35 um in 41 channels, with a 1-minute time resolution.

Particle metrics were monitored each day between 10:00 and 17:00. During the lunch breaks,
from 12:45 to 13:45, processes were switched off and this period was considered to be representative of
background (BG) concentrations.

Instrument intercomparison was carried out prior to the industrial measurements at an air quality
monitoring station in Barcelona, Spain, using ambient air aerosols [7]. The fact that instruments were
intercompared using a different type of aerosol is acknowledged as a limitation of this work.

Increases in particle number and respirable mass concentrations during spraying were considered
statistically significant when the following approach, described by Asbach et al. (2012) [44] and
Kaminski et al. (2015) [45], was fulfilled:

Mean concentration during spraying > BG + 3-(cBG), (1)

where BG is the mean temporal background concentration and 0BG is the standard deviation of the
BG concentration.

Finally, in order to complement the air flow data provided by the company, air speeds at booths
LEV, central ventilation extraction, and inside the plant were experimentally measured (shown in
Figure 1) with an anemometer (VelociCalc ® thermal anemometer, TSI Model 9545; TSI Inc., Shoreview,
MN, USA; range 0-30 m s~!; accuracy +3% or +0.015 m s~!; resolution 0.01 m s1).
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2.4. Exposure Modeling

2.4.1. Air changes per hour (ACH)

The number of air changes per hour (ACH) in the WA was calculated by using the measured air
speeds in the central ventilation extraction and also next to the booth doors, as:

ACH = Q/V = (m® h™!)y/m3, )
where Q (m3 h™1) is the total flow rate and V (m?3) is the total room volume.

2.4.2. Particle Emission Rates

Particle emissions were monitored in close proximity to the source (the spraying nozzle), with the
logistical limitations characteristic of operational industrial scenarios, where measurements should be
as least invasive as possible. Despite the air extraction systems in place, particle number concentrations
measured inside the booths largely exceeded the instrument (DiSCmini) monitoring range (4 X 10° cm=3;
Figure 1 and Figure S1 in Supplementary materials). As a result, particle emissions rates could not be
calculated based on data collected inside the booths. To overcome this limitation, emission rates were
calculated based on the data collected in the WA, i.e., how much particles are leaking from the booth
to the WA (booth is the source). This was based on the assumption that air exchange between both
areas was frequent: the booth doors were sometimes wide open (when the operator had to access the
inside of the booth), and when they were closed they were not fully airtight, and small holes through
which cables were inserted were visible along the booth walls. As a result, particle emissions in the
booths impacted concentrations in the WA significantly [7]. Similar results have been reported by other
authors [46], indicating impacts on particle number concentrations up to 6 m away from the source.

In the present work, particle emission rates were estimated from concentrations measured in
the WA, and thus do not strictly correspond to actual emission rates but are rather considered as
transported emission rates from the booths to the WA. These transported emissions were used as input
to model particle concentrations in the WA. For the sake of clarity and in the present work, transported
emission rates from the booths to the WA, measured in the WA, will be referred to as emission rates.

Emission rates were calculated by using two different approaches:

Convolution Theorem

Assuming that NP concentrations are fully mixed, the WA particle concentrations can be described
with a mass balance of aerosol particles in a single compartment [28]:

(dN(t))/dt = AN (t) + (Sn (1))/V-AN(®), ®)

where N (em™3) is the WA particle concentration, A (min~1) is the WA total particle loss rate including
particle removal processes like ventilation and deposition, Npg (cm™3) is the background particle
concentration coming from outdoors and surrounding compartments, Sy (min~') is the particle
emission rate of the source, and V (m?) is the volume of the WA room.

The one-box model [28] assumes that 1) particles are fully mixed at all times; 2) particles are
created by the source and through infiltration; and 3) there are no other particle losses than mechanical
ventilation. Particle losses by sedimentation may be considered negligible because of the high air
exchange ratio (ACH) measured (25-35 h~!, Figure 1).

When background particle emissions and indoor sources are negligible (i.e., Stot (t) = 0 min~1),
e.g., during the lunch break, the particle number concentration decay curve may be described as follows:

N(t) = Niog - 7%, 4)
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The calculated ACH varied from 25 to 35 h~!, which is much higher than particle deposition rates,
which are typically below 4 h~! in indoor environments for particles within the measurement range
in this work (10 nm to 35 um; [47]). Thus, the only particle loss considered is through ventilation,
and here it was assumed that A ~ ACH.

According to the convolution theorem, the particle number concentration during the activity is
a convolution of the particle sources and particle losses as follows [38]:

Stot(t) - N(t) = Vo[ (QNpg (1) + ec Sn (1) - N(t-1)d, %)

where Q (m?® h™!) is the air flow and ¢c (-) is the protection factor of the booth.
The particle emission term can be solved with a numerical deconvolution as:

Stot (1) = V- (N(t) - N(t-At) - € 4)/At, ©)
In this work, particle emission rates were calculated for the pre-activity period when Sy (t) = 0 min ™
to estimate background particle generation rate Spg (t) = QNpg (t) (corresponding mainly to infiltration
from outdoor air). Because the booth protection factor ec was not known, the plasma spray emission rate
term is a combination of ec SNy where background particle emission rate Sgg is subtracted.

Steady State Equation for Cyclic Processes

In addition, emission rates during the activity were also calculated using particle number
concentrations (cm~2) monitored in the WA with the NanoScan instrument, by applying the modified
steady state equation for cyclic processes [7]:

Sn = C-V/tgsp, (7)

where C (cm~3) is the mean concentration of particles (as number concentration) during spraying,
V (cm?) is the volume of the room, and tgsp (min) is the spraying duration. Assumptions were
that particle concentrations before the activity were lower than during the activity, particle removal
processes were negligible, and that particle concentrations were fully mixed.

2.4.3. One-box Mass Balance Model

As particle concentrations monitored inside the booths exceeded the instrument’s measurement
range, applying a two-box model to estimate particle concentrations inside and outside the booths was
not possible. Therefore, a one-box model was applied to calculated particle number concentrations.
With the emission rates calculated in the WA, the one-box model was applied to the WA volume
considering the influence of two types of ventilation systems: the central one in the WA, and the
ventilation driving the air flows from the WA to the booth due to the booth’s LEV (Figure 1). Booth air
extraction systems were compensated with air coming from the WA (through the door and through
small holes for cables) and from outdoors (through a direct pipeline connecting with outdoor air).
Background particle concentrations were included in the model with the incoming air, as this was seen
to improve mass-balance model performance and accuracy [33].

3. Results and Discussion

3.1. Exposure Concentrations

Particle number concentrations (Table 1) were monitored during thermal spraying in booth #1
(APS, days 1 and 2) and #3 (HVOFEF, days 3 and 4). Respirable particle mass concentrations varied
from 130 to 709 pg m3 inside the booths, and 93 to 172 pug m? in the WA (Table S2, Supplementary
material), which is below the occupational exposure limits (OELs) given in the material safety data
sheet (MSDS). A clear impact on particle number concentrations was observed inside the booths and
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in the WA, once the spraying activity started (Figure 2 and Figures S2 and S3, Supplementary material).
Additionally, chemical analyses of the airborne particles indicated that they had the same composition
as the feedstock material being sprayed (more details in Salmatonidis et al., 2019 [7]). Thus, it was
concluded that the spraying activities generated high concentrations of unintentionally emitted NPs.
Chemical analyses of the airborne particles indicated that their composition in terms of mass was that
of the raw feedstock material, and that chromium was present in the form of chromium carbide and
nickel in its free form (more details in Salmatonidis et al., 2019 [7]).
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Figure 2. Booth #3, Day 3 (a) shows the particle number concentrations measured inside the booth by

DiSCmini (DM), from worker area by NanoScan (WA) and particle emission rates solved by convolution
3

3

from NanoScan WA concentrations. Blue line shows when the DM concentration was >10% cm™
indicating that the plasma spray was ON and green line when the DM concentration was <10° cm™
indicating that the plasma spray was OFF. Figure (b) shows the particle size distributions measured by
the NanoScan in the WA.

The particle number concentrations, measured with the DiSCmini inside the booths during
spraying, ranged between 8.5 x 10° and 3.5 X 10® cm™ in booth #1, and between 1.0 x 10° and
1.9 X 10° cm ™ in booth #3 (Table 1), exceeding instruments detection limit (Figure 2 and Figures S1,
S2 and S3, Supplementary material). The operators wore personal protective equipment (FPP3, masks
in booth #3, and welding helmet with respirator in booth #1) when they entered the booths but in the
WA, the operators only wore the masks intermittently. NP concentrations were approximately one
order of magnitude lower than inside the booths (6.4 x 103-9.6 x 10* cm™3 and 1.1-3.5 x 10° cm™ for
booth #1 and #3, respectively). However, the impact of booth #1 emissions on WA concentrations
(especially during day 1) was lower than that of booth #3 emissions (Table 1). Particle concentrations
recorded in the WA by the NanoScan monitor were similar to the ones measured by the DiSCmini:
4.2-7.8 x 10* cm™ and 9.0 x 10%-2.5 x 10° cm~3, for booth #1 and #3, respectively. Due to the similarity
between both datasets, and the fact that the NanoScan provided additional information on particle size
distributions, the latter dataset was used as an input for the one-box model.

In booth #3 the worker had to enter the booth between repetitions to exchange the coated surface
with a new one (to be coated). As the spraying periods were short (5-10 min), the door of the booth
was kept open between repetitions during Day 2/Morning, whereas during Day 2/Afternoon the door
was alternatively open and closed. This explains the significantly lower concentrations measured in
the WA during Day 2/Afternoon compared to during the Morning (Figure 2).
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In all cases (inside the booths, and in the WA except on Day 1), particle concentrations exceeded
the 40,000 cm =2 threshold considered the nano-reference value used in the precautionary approach [48],
and they were statistically significantly higher than background concentrations [44], Eq. 1).

Table 1. Measured particle number concentration during the thermal spraying activity. Statistically
significant increases are marked in bold.

Booth Worker Area (WA) Inactivity (BG)

Day Shift DiSCmini DiSCmini NanoScan DiSCmini NanoScan
N (cm™3) N (cm™3) N(m3) N(m=3)  N(m3)

Booth #1 Model Area 0 35% 105  64x10° 4.2 x 10 1.2 x 104 1.4 x 104

(Day 1)
Booth #1 Model Area ~ Morning ~ 11x10°  9.6x10* 7.8 x10* . .
(Day 2) Afternoon  85x10°  67x10*  49x10t  12x10 1.7x10
Booth #3 Model Area  Morning ~ 1.9x10°  35x10%®  25x10° " .
(Day 3) Afternoon  17x105  11x105  90x10*t  20x10 1.9%10
Booth #3 Model Area  Morning ~ 1.3x10°  1.9x10°  15x10° . .
(Day 4) Afternoon 1.0 x 10°® 1.6 x 10° 1.3 x 10° 45x10 37x10

3.2. Air Exchange Quantification

Air speeds were measured at the central ventilation system and at the doors of the booths, during
activity periods, and were used to quantify the total air flows in the WA during spraying. The total air
changes per hour (ACH, h™!) were then estimated by considering the volume of each of the modeled
areas (to reproduce emissions from booths #1 and #3, Figure 1). The total flows (Q) for model area #1
and #3 were 16078 and 6216 m> h™!, respectively with ACH values of 35 and 25 h™!. These values are
quite high although in line with reported values in industrial environments, which typically range
between 0.3-30 h~! [49,50]. Additionally, air speeds were measured at the booth doors when they were
open, with ACH ranging between 49-89 h~! (Table S3). The latter ACH are not representative of actual
working conditions, given that doors were mostly closed when the spraying guns were operating.
Overall, the ACH measured indicate a high variability of the air exchange rates in the workplace,
which would influence the modeling results as the ACH is, together with the emission rate, a key input
parameter for the model.

3.3. Particle Emission Rates

Particle emission rates were estimated based on WA concentrations, using convolution and cyclic
steady state equations (Table 2) in order to compare the results from both approaches. Results showed
that emission rates from booth #1 ranged between 1.4 x 10'1-3.4 x 10'> min~!
theorem, and between 1.3 x 10'2-3.0 x 10'? min~! using the cyclic steady state equation. Both approaches
provided similar outputs for booth #3, ranging between 7.9 x 10'2-1.2 x 10'3 min~!, with the convolution
theorem and between 7.9 x 1012-1.4 x 10'3 with the cyclic steady state. Emission rates were higher
from booth #3 than from booth #1, which is consistent with the different operational procedures (HVOF
vs. APS; [7]).

using the convolution
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Table 2. One-Box modeled concentrations using the convolution theorem and the cyclic steady state
(Cyclic SS) approach to calculate emission rate (Syy) from NanoScan data. Emission rates were calculated
for each day considering all activity periods, and modelings were applied for morning (M) and afternoon
(A) periods (shift) separately.

Model Area Booth #1 Booth #3

Day Day 1 Day 2 Day 3 Day 4

Shift A M A M A M A
Convolution 1.4 x 101 3.4 x 1012 1.2 x 1013 7.9 x 1012

WA NanoScan Sn Cyclic SS 1.3 x 1012 3.0 x 1012 7.9 x 1012 14 %1013

Modeled concentrations (cm=2) Convolution 1.4x10* 20x10* 24x10* 59x10* 6.0x10* 56x10* 53x10*
Cyclic SS 1.7x10%  20x10* 24x10* 45x10* 46x10* 71x10* 65x10

WA measured NanoScan 42x10* 78x10* 49x10* 25x10° 9.0x10* 15x10° 13x10°

(cm™3) DiSCmini 64x10° 96x10* 67x10* 35x10° 11x10° 19x10° 1.6x10°

Ratio Convolution 0.33 0.26 0.49 0.24 0.67 0.37 0.41

(modeled/NanoScan measured) Cyclic SS 0.40 0.26 0.49 0.18 0.51 0.47 0.50

Ratio Convolution 2.19* 0.21 0.36 0.17 0.55 0.29 0.33

(modeled/DiSCmini measured) Cyclic SS 2.66* 0.21 0.36 0.13 0.42 0.37 041

* Unusually high ratios were obtained for Day 1, probably due to the low impact of particle emissions on WA
concentrations (Figure S1) which led to an overestimation of low concentrations by the model.

In general, both methods provided relatively similar results despite the differences in calculations,
thus supporting the robustness of the emission rates calculated. The cyclic steady state generally
provided higher emission rates than the convolution theorem (from 1.8 up to 10 times higher),
with the exception of Day 3 in booth #3, for which the convolution theorem provided a higher rate
(by a factor of 4-16; Table 2). When using the cyclic steady state, differences between days in the
same booth were smaller than when using the convolution theorem, suggesting that the convolution
theorem is more case-sensitive and will, therefore, probably provide more precise modeling results.
In Koivisto et al. (2018) [15], where particle number emission rates were quantified during electrostatic
spray deposition of TiO2 by using the same approaches as in the present study, emission rates near the
source were 2.2 X 10!2 min~! (convolution theorem) and 1.1 X 10 min™! (cyclic steady state). Asin
the present work, emission rates calculated with the two methods were mostly comparable despite
differences in the calculation methods.

The emission rates quantified for the thermal spraying activities were comparable to other
emission sources in the literature, e.g., dip coating (4.2 x 10'! min~! and 6.6 x 10'! min~!, [40],
laser printing (maximum rates between 2.4 X 10° and 1.0 x 10%3; [38,51,52]), in houses due to
Tabaco (0.84-3.76 x 10! min™') and cooking (1-8 X 10! min~1) [53-55], or NP production in academic
laboratories (1.3 x 1011-1.2 x 10" min~1; [56]), among others.

3.4. One-Box Model Performance

Worker area (WA) particle number concentrations were modeled by applying a one-box mass
balance model [28]. The two types of emission rates calculated (using convolution theorem and
cyclic steady state approach) were used as input, with the aim to test model performance under
a real-world industrial scenario. The one-box model was applied to the booth #1 and #3 model areas,
to predict particle number concentrations in the WA during thermal spraying from each of the booths.
The model was tested for two days (including one morning and one afternoon shift, each) in each
model area (#1 and #3).

Modeled particle number concentrations in the WA based on the NanoScan monitored
concentrations ranged between 1.4-2.4 X 10* (convolution theorem) and 1.7-2.4 x 10* (cyclic steady
state) while spraying in booth #1, and between 5.3-6.0 x 10* (convolution theorem) and 4.5-7.1 x 10*
(cyclic steady state) while spraying in booth #3 (Table 2). When comparing these concentrations with
actual measured NanoScan ones, on a case by case basis, results indicate that in all cases the model
underestimated measured concentrations irrespective of the method used to calculate emission rates:
ratios modeled/measured concentrations were < 0.5 for all of the study cases (with one exception,
Figure 3a). When comparing modeled concentrations to measured DiSCmini concentrations in the
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WA, ratios modeled/measured were consistent with those obtained with NanoScan (<0.55, except for
the booth #1, day 1), also underestimating measured concentrations (Table 2 and Figure 3a). In general,
higher underestimations and variability of the measured concentrations were obtained when using
the DiSCmini dataset for model validation. These differences may be attributed to the fact that both
instruments (NanoScan and DiSCmini) are not directly comparable as DiSCmini (corona charging
principle) monitors particle diameters between 10-700 nm while NanoScan (single particle counting)
monitors 20-420 nm (Fonseca et al., 2016). It should be noted that concentrations in terms of particle
number are significantly higher than in terms of mass, which is a metric more frequently used with
mass balance models, and both metrics are known to represent different particle properties (e.g., size,
density, etc.) and therefore have different behaviors [56].

Ratio (modelled/measured) RMSLE (modelled/measured)

a) [MMBooth #1 Model Area (Day 1/A) b)

[llBooth #1 Model Area (Day 2/M)

[lBooth #1 Model Area (Day 2/A)
1.5 [@Booth #3 Model Area (Day 3/M)
[IBooth #3 Model Area (Day 3/A)
[TJBooth #3 Model Area (Day 4/M)
[ IBooth #3 Model Area (Day 4/A)

Ratio
RMSLE

Convolution Cyclic SS Convolution Cyclic SS

Figure 3. Ratio modeled/measured concentrations (a), and RMSLE (modeled/measured) (b). Ratio 0.5
and 2 are marked as reference (dashed line). Cyclic SS: cyclic steady state equation.

Because of this limitation, the assessment of the root mean squared logarithmic error (RMSLE) is
proposed to not over-penalize differences between predicted and actual values, when concentrations
are high [36]. This is because the RMSLE mainly takes into account the ratio of change, rather than
the actual concentrations. Figure 3b shows that the RMSLE (modeled/NanoScan measured) ranged
between 0.4-1.4 when using convolution emission rates and 0.7-1.7 when using cyclic steady state.
The same analysis using the DiSCmini dataset resulted in RMSLE (modeled/DiSCmini measured)
between 0.6-1.8 when using convolution emission rates and 0.9-2.1 when using cyclic steady state
(data not shown). These ratios were compared to the benchmarks proposed by Jayjock et al. (2011) [30],
which representative of modeling outputs reviewed in literature. Thus, when considering the RMSLE,
only one case was outside the Jayjock et al. (2011) benchmark (0.5-2): booth #3 (Day3/A) with the
convolution theorem. This would mean that, according to the ranges suggested by Jayjock et al. (2011),
the performance of the one-box model for the industrial scenario assessed in this work would be
considered as comparable. In the literature, several authors have reported underestimations by the
one-box model [31,35,36,57,58] as it assumes homogeneous concentrations through all the room. This is
consistent with our results, even though the high airflows measured in the industrial scenario allowed
us to assume adequate mixing, on average. However, it is possible that full mixing was not achieved
at all times and during all repetitions, and this should be considered as one of the limitations of the
present work.

Model underestimations could also be related to inaccurate ACH calculation or to the
underestimation of emission rates including booth protection factor. Emission rates are known
to be the most critical exposure determinant, and thus should be calculated based on experimental
data collected as close (physically) to the source as possible with known dilution and mixing.
Otherwise, large differences may be detected depending on the location and position of the monitoring
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instrumentation [36]. These authors demonstrated that emission rates can be corrected by using an
adjusting coefficient to compensate for unknown flow distributions. The results presented in this work,
which are based on emission rates calculated from data collected at a distance from the source (>3m),
support the need for a correction coefficient to improve the emission rates calculated. Unfortunately,
knowledge of air mixing is a frequent issue encountered when measurements are carried out in
real-world industrial scenarios.

The results were also analyzed in terms of average RMLSE across all cases (Days 1 to 4, morning
and afternoon shifts), for the booth #1 and #3 scenarios (Figure 4). Results show that when emission
rates were calculated using the convolution theorem, model predictions were more closely aligned with
RMLSE = 1 than when the cyclic steady state equation was used, and the ratios (especially for booth
#3) presented lower variability. The results obtained when applying the convolution theorem were
more case-sensitive, whereas applying the cyclic steady state required lower computational efforts.
Overall, differences obtained with both parametrizations were not large. Therefore, for preliminary
risk assessment and based on the data from this industrial scenario, particle emission rates calculated
with the cyclic steady state equation may be sufficient, whereas for a more case-specific analysis the
convolution theorem may be a better approach for emission rate calculation.

Convolution Cyclic Steady State

-
)]
N
O

o
&)

H

RSMLE (modelled/measured)
RMSLE (modelled/measured)

. 0
Booth #1 Model Area Booth #3 Model Area Booth #1 Model Area Booth #3 Model Area

Figure 4. Vertical box plot for RMSLE modeled/measured concentrations for booth#1 and booth#3
model areas using convolution SN (a) and Cyclic steady state SN (b). Ratio 0.5 and 2 are marked as
reference (dashed line). The boundary of the box closest to zero indicates the 25th percentile and the
farthest from zero the 75th percentile. The solid red line within the box indicates the median value.
Error bars above and below indicate the 10th and 90th percentiles.

Finally, model performance was also evaluated with regard to the type of particles emitted,
which were different in the two scenarios given that different thermal spraying techniques were
used (APS in booth #1, and HVOF in booth #3). In short, particles emitted in booth #1 were mostly
spherical and resulting from melting of the ceramic powder sprayed, while particles emitted in booth
#3 showed more irregular morphologies resulting from mechanical impaction of the powder on the
surface to be coated [7]. Modeling results for both scenarios showed only slight differences (Figure 4),
which did not seem to be linked to the spraying techniques (APS and HVOF) but rather to the layout
and configuration of the study area (Figure 1). In the booth #1 model area the door was always kept
in a similar position (partially closed). Conversely, in the booth #3 model area, due to requirements
of the spraying process the worker had to enter and exit the booth frequently, which means that the
door configuration and the number of times that it was open and closed was different in every shift.
The door configuration not only impacts particle transport, but also air flows (ACH). The impact
of this can be clearly observed in Day 3 (Figure 2), where markedly higher concentrations were
recorded in the WA during the morning (when the door was open) than in the afternoon (door closed),



Int. |. Environ. Res. Public Health 2019, 16, 1695 12 of 16

while emissions at the source remained at relatively constant levels. Given that particle emission rates
were calculated for full days, this intra-daily variability is considered a source of the higher variability
in modeled/measured ratios (Figure 3) and RMLSE (Figure 4) observed for booth #3 (in comparison
with booth #1). This result indicates that, to improve model performance, not only emission rates but
also the ACH need to be calculated as precisely as possible, given that small variations can lead to
significant under- or overestimations of particle concentrations and, thus, can limit the effectiveness of
risk assessments and lead to impaired decision-making.

An example of the variability of model outcomes is reported in Supplementary material
(Table S3 and S4), using a different door configuration (door fully open). The estimated ACH values from
measured air speeds when booths doors were open ranged between 49-89 h~!, which is approximately
double than the ACH (25-35 h™!) estimated when booths doors were closed. Modeled/measured
concentrations ratios using ACH 49-89 h~! ranged between 0.1-0.4, indicating higher underestimations
of measured concentrations than when using ACH 25-35 h~! (when ratios ranged between 0.2-0.7,
Table 2). As door configurations and worker layout were not always constant, especially in booth #3
where the time during which the door was open/closed was different in every repetition, estimated
ACH values used for the modeling (25-35 h~!) may not be fully representative of actual ACH values
for each specific repetition. In such cases, were ACH may be highly variable with time, a probabilistic
approach or a sensitivity analysis as the one conducted in Ribalta et al., 2019 [33] would be highly useful.

According to the literature, mass balance models have been satisfactorily tested in real-world
settings mostly in terms of particle mass [39,59-62] with ratios modeled/measured of 0.82-1.22 and
1.10 + 2.32 during packing and pouring processes [32,33], and for vapors and sprays with ratios of
0.49-3.29 and 0.32-3.28 for chemical component emissions [30,63]. However, models have not been
extensively tested for particle number concentrations, which is currently the most commonly-used
metric for NP exposure, in real-work environments. In Jensen et al. [35,36], one-, two- and three-box
models were tested for particle number concentrations from a brush generator in a controlled chamber
experiment, with models being able to estimate concentrations within a RMSLE factor of 0.5-2 [36].

In the present work, ratios for modeled concentration were 0.2-0.7 and RMSLE 0.4-1.7, with the
model clearly underestimating actual exposures. It may thus be concluded that the one-box model can
provide a preliminary idea of the order of magnitude of unintentional NP concentrations, and that the
accuracy of the results depends on the input parameters like ACH and particle emission rates. Therefore,
the availability of a publicly-shared emission-rate library for modeling would be highly useful for
preliminary risk assessments in absence of measured emission rates or particle concentrations. However,
more precise modeling results require accurate quantification of the input parameters, implying that
additional work in model parametrization is necessary. Model underestimations, even when ratios are
within the 0.5-2 benchmark, are undesirable from a risk assessment point of view, where overestimating
concentrations would be more precautionary.

4. Conclusions

An industrial scenario characterized by high concentrations of unintentionally-released NPs was
selected to test the performance of a one-box mass balance model. Emission rates in terms of particle
number concentration, one of the main inputs of the model, were estimated using two approaches:
the convolution theorem and the cyclic steady state equation. The main conclusions extracted are:

e Nanoparticle emission rates from thermal spraying of ceramic coatings were from the booth to
working area (WA) in the range 1.4 X 10!'-1.4 x 103> min~!. These emission rates are slightly
higher or of a similar order of magnitude as those reported in the literature from sources such as
industrial dip-coating, laser printing or even indoor cooking in homes.

e  Both approaches for emission rate calculation provided comparable rates, which were slightly
lower when the convolution theorem was used. The cyclic steady state approach required lower
computational efforts.
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e The one-box model underestimated concentrations measured in the WA irrespective of the
method used for emission-rate calculation. The ratios modeled/measured concentrations were
0.2-0.7 (using the convolution theorem) and 0.2-0.5 (using the cyclic steady state equations).
When correcting high concentrations by using the root mean squared logarithmic error (RMSLE),
ratios were 0.4-1.4 (convolution) and 0.7-1.7 (cyclic steady state).

e Even though both model parametrizations showed similar performance on average, the use of
emission rates calculated with the convolution theorem improved results on a case by case basis
(results were more case-sensitive). Thus, emission rates calculated with the cyclic steady state
approach would be advisable for preliminary risk assessment, while for more precise case-specific
results, the convolution theorem would be the better option.

e An additional key input affecting model performance was seen to be the estimation of the air
exchange per hour (ACH). This parameter was strongly impacted by the position of the door
of the booth where emissions were generated, which should be taken into account carefully in
modeling exercises.

e In sum, with adequate parametrization, one-box mass balance models may provide useful
guidance regarding the order of magnitude of expected particle number concentrations in
industrial scenarios, and thus be used as a preliminary risk assessment tools.

Supplementary Materials: The following are available online at http://www.mdpi.com/1660-4601/16/10/1695/s1,
Figure S1: Booth #1, Day 1 a) shows particle number concentrations measured inside the booth by DiSCmini
(DM), from worker area by NanoScan (WA) and particle emission rates solved by convolution from NanoScan WA
concentrations, Figure S2: Booth #1, Day 2 a) shows particle number concentrations measured inside the booth by
DiSCmini (DM), from worker area by NanoScan (WA) and particle emission rates solved by convolution from
NanoScan WA concentrations, Figure S3: Booth #3, Day 4 a) shows particle number concentrations measured
inside the booth by DiSCmini (DM), from worker area by NanoScan (WA) and particle emission rates solved by
convolution from NanoScan WA concentrations, Table S1: Sampling day, booth, technic used (HVOF or APS),
and feedstock materials summary, Table S2: Respirable mass concentration during the thermal spraying activity,
Table S3: Parameterization of the single box model considering booth door open: V (m3) is volume used for
modeling, Q (m3 h-1) is ventilation air volume flow through the Worker Area and ACH (h-1) is the air changes
per hour calculated from measured air speeds, Table S4: One Box modeled concentrations considering booth door
open, and using the convolution theorem and the cyclic steady state (Cyclic SS) approach to calculate emission
rate (SN) from NanoScan data.

Author Contributions: All of the authors contributed substantially to the conception and design of the study. C.R.,
E.M. and M.V. contributed to conceptualization; C.R., A.J.K. and A.S. methodology; C.R. and A.J.K. data analysis;
C.R,, AJK. and A.L-L. writing—original draft preparation; C.R., A.J.K,, AL-L., EM. and M.V. writing—review
and editing; E.M. and M.V. supervision.

Funding: This research was funded by the Spanish MINECO (CGL2015-66777-C2-1-R, 2-R), and through project
PCIN-2015-173-C02-01, under the frame of SIINN, the ERA-NET for a Safe Implementation of Innovative
Nanoscience and Nanotechnology, by SIINN-ERANET project CERASAFE (id.:16). Additional support was
provided by Generalitat de Catalunya AGAUR 2017 SGR41, the Spanish Ministry of the Environment (13CAES006),
FEDER (European Regional Development Fund) “Una manera de hacer Europa”.

Acknowledgments: The authors acknowledge TM COMAS (http://www.tmcomas.com) for their committed cooperation.

Conflicts of Interest: The authors declare no conflict of interest relating to the material presented in this article.

References

1.  Lima, R.S;; Marple, B.R. From APS to HVOF spraying of conventional and nanostructured titania feedstock
powders: A study on the enhancement of the mechanical properties. Surf. Coat. Technol. 2004, 200, 3428-3437.
[CrossRef]

2. Tan,].C; Looney, L.; Hashmi, M.S.J. Component repair using HVOF thermal spraying. ]. Mater. Process. Technol.
1999, 92-93, 203-208. [CrossRef]

3.  Toma, E-L.; Stahr, C.C.; Berger, L.-M.; Saaro, S.; Herrmann, M.; Deska, D.; Michael, G. Corrosion Resistance
of APS- and HVOF-Sprayed Coatings in the Al;O3-TiO, System. ]. Therm. Spray Technol. 2010, 19, 137-147.
[CrossRef]


http://www.mdpi.com/1660-4601/16/10/1695/s1
http://www.tmcomas.com
http://dx.doi.org/10.1016/j.surfcoat.2004.10.137
http://dx.doi.org/10.1016/S0924-0136(99)00113-2
http://dx.doi.org/10.1007/s11666-009-9422-2

Int. |. Environ. Res. Public Health 2019, 16, 1695 14 of 16

10.

11.

12.

13.

14.

15.

16.

17.

18.

19.

20.

21.

22.

Barbezat, G. Application of thermal spraying in the automobile industry. Surf. Coat. Technol. 2006, 201,
2028-2031.

Fauchais, P.L.; Heberlein, ].V.R.; Boulos, M.I. Thermal Spray Fundamentals; Springer: New York, NY, USA,
2014; ISBN 978-0-387-28319-7.

Viana, M.; Fonseca, A.S.; Querol, X.; Lopez-Lilao, A.; Carpio, P.; Salmatonidis, A.; Monfort, E. Workplace
exposure and release of ultrafine particles during atmospheric plasma spraying in the ceramic industry.
Sci. Total Environ. 2017, 599-600, 2065-2073. [CrossRef]

Salmatonidis, A.; Ribalta, C.; Sanfélix, V.; Bezantakos, S.; Biskos, G.; Vulpoi, A.; Simion, S.; Monfort, E.;
Viana, M. Workplace Exposure to Nanoparticles during Thermal Spraying of Ceramic Coatings.
Ann. Work Expo. Health 2019, 63, 91-106. [CrossRef] [PubMed]

Petsas, N.; Kouzilos, G.; Papapanos, G.; Vardavoulias, M.; Moutsatsou, A. Worker Exposure Monitoring of
Suspended Particles in a Thermal Spray Industry. J. Therm. Spray Technol. 2007, 16, 214-219. [CrossRef]
Huang, H.; Li, H.; Li, X. Physicochemical Characteristics of Dust Particles in HVOF Spraying and Occupational
Hazards: Case Study in a Chinese Company. J. Therm. Spray Technol. 2016, 25, 971-981. [CrossRef]

Ding, Y.; Kuhlbusch, T.A.J.; Van Tongeren, M.; Jiménez, A.S.; Tuinman, I.; Chen, R.; Alvarez, LL,;
Mikolajczyk, U.; Nickel, C.; Meyer, ].; et al. Airborne engineered nanomaterials in the workplace—A review
of release and worker exposure during nanomaterial production and handling processes. . Hazard. Mater.
2017, 322, 17-28. [CrossRef]

Fonseca, A.S.; Maragkidou, A.; Viana, M.; Querol, X.; Hameri, K.; de Francisco, I.; Estepa, C.; Borrell, C.;
Lennikov, V.; de la Fuente, G.F. Process-generated nanoparticles from ceramic tile sintering: Emissions,
exposure and environmental release. Sci. Total Environ. 2016, 565, 922-932. [CrossRef]

Fonseca, A.S.; Viana, M.; Querol, X.; Moreno, N.; de Francisco, I.; Estepa, C.; de la Fuente, G.F. Ultrafine and
nanoparticle formation and emission mechanisms during laser processing of ceramic materials. J. Aerosol Sci.
2015, 88, 48-57. [CrossRef]

Fuyjitani, Y.; Kobayashi, T.; Arashidani, K.; Kunugita, N.; Suemura, K. Measurement of the Physical Properties
of Aerosols in a Fullerene Factory for Inhalation Exposure Assessment. J. Occup. Environ. Hyg. 2008, 5,
380-389. [CrossRef] [PubMed]

Koivisto, A.].; Aromaa, M.; Koponen, L. K.; Fransman, W.; Jensen, K.A.; Mikeld, ] M.; Hameri, K.]. Workplace
performance of aloose-fitting powered air purifying respirator during nanoparticle synthesis. J. Nanopart. Res.
2015, 17, 177. [CrossRef]

Koivisto, A.J.; Jensen, A.C.J.; Kling, K.I; Kling, J.; Budtz, H.C.; Koponen, LK.; Tuinman, I.; Hussein, T.;
Jensen, K.A.; Norgaard, A.; et al. Particle emission rates during electrostatic spray deposition of TiO,
nanoparticle-based photoactive coating. J. Hazard. Mater. 2018, 341, 218-227. [CrossRef] [PubMed]
Kuhlbusch, T.A.J.; Neumann, S.; Fissan, H. Number Size Distribution, Mass Concentration, and Particle
Composition of PM 1, PM 2.5, and PM 10 in Bag Filling Areas of Carbon Black Production. J. Occup. Environ. Hyg.
2004, 1, 660-671. [CrossRef]

Viitanen, A.-K.; Uuksulainen, S.; Koivisto, A.J.; Hameri, K.; Kauppinen, T. Workplace Measurements of
Ultrafine Particles—A Literature Review. Ann. Work Expo. Health 2017, 61, 749-758. [CrossRef]

Landrigan, PJ.; Fuller, R.; Acosta, N.J.R,; Adeyi, O.; Arnold, R.; Basu, N.; Baldé, A.B.; Bertollini, R.;
Bose-O'Reilly, S.; Boufford, J.I; et al. The Lancet Commission on pollution and health. Lancet 2018, 391,
462-512. [CrossRef]

GBD 2016 Risk Factors Collaborators. Global, regional, and national comparative risk assessment of 84
behavioural, environmental and occupational, and metabolic risks or clusters of risks, 1990-2016: A systematic
analysis for the Global Burden of Disease Study 2016. Lancet 2017, 390, 1345-1422. [CrossRef]

World Health Organization. Ambient Air Pollution: A Global Assessment of Exposure and Burden of Disease;
World Health Organization: Geneva, Switzerland, 2016; pp. 1-131.

Frohlich, E.; Salar-Behzadi, S. Toxicological Assessment of Inhaled Nanoparticles: Role of in Vivo, ex Vivo,
in Vitro, and in Silico Studies. Int. . Mol. Sci. 2014, 15, 4795-4822. [CrossRef]

Oberdorster, G. Pulmonary effects of inhaled ultrafine particles. Int. Arch. Occup. Environ. Health 2001, 74,
1-8. [CrossRef]


http://dx.doi.org/10.1016/j.scitotenv.2017.05.132
http://dx.doi.org/10.1093/annweh/wxy094
http://www.ncbi.nlm.nih.gov/pubmed/30551164
http://dx.doi.org/10.1007/s11666-007-9027-6
http://dx.doi.org/10.1007/s11666-016-0422-8
http://dx.doi.org/10.1016/j.jhazmat.2016.04.075
http://dx.doi.org/10.1016/j.scitotenv.2016.01.106
http://dx.doi.org/10.1016/j.jaerosci.2015.05.013
http://dx.doi.org/10.1080/15459620802050053
http://www.ncbi.nlm.nih.gov/pubmed/18401789
http://dx.doi.org/10.1007/s11051-015-2990-9
http://dx.doi.org/10.1016/j.jhazmat.2017.07.045
http://www.ncbi.nlm.nih.gov/pubmed/28780436
http://dx.doi.org/10.1080/15459620490502242
http://dx.doi.org/10.1093/annweh/wxx049
http://dx.doi.org/10.1016/S0140-6736(17)32345-0
http://dx.doi.org/10.1016/S0140-6736(17)32366-8
http://dx.doi.org/10.3390/ijms15034795
http://dx.doi.org/10.1007/s004200000185

Int. |. Environ. Res. Public Health 2019, 16, 1695 15 of 16

23.

24.

25.

26.
27.

28.

29.

30.

31.

32.

33.

34.

35.

36.

37.

38.

39.

40.

41.

42.
43.

Saber, A.T; Jacobsen, N.R.; Jackson, P; Poulsen, S.S.; Kyjovska, Z.O.; Halappanavar, S.; Yauk, C.L.; Wallin, H.;
Vogel, U. Particle-induced pulmonary acute phase response may be the causal link between particle inhalation
and cardiovascular disease. Wiley Interdiscip. Rev. Nanomed. Nanobiotechnol. 2014, 6, 517-531. [CrossRef]
[PubMed]

Hussein, T.; Wierzbicka, A.; Londahl, J.; Lazaridis, M.; Hanninen, O. Indoor aerosol modeling for assessment
of exposure and respiratory tract deposited dose. Atmos. Environ. 2015, 106, 402—-411. [CrossRef]

Nazaroff, W.W.; Cass, G.R. Mathematical modeling of indoor aerosol dynamics. Environ. Sci. Technol. 1989,
23,157-166. [CrossRef]

Nazaroff, W.W. Indoor particle dynamics. Indoor Air 2004, 14, 175-183. [CrossRef] [PubMed]

Hussein, T.; Kulmala, M. Indoor Aerosol Modeling: Basic Principles and Practical Applications.
Water Air Soil Pollut. Focus 2008, 8, 23-34. [CrossRef]

Hewett, P.; Ganser, G.H. Models for nearly every occasion: Part [—One box models. . Occup. Environ. Hyg.
2017, 14, 49-57. [CrossRef]

Ganser, G.H.; Hewett, P. Models for nearly every occasion: Part [I—Two box models. ]. Occup. Environ. Hyg.
2017, 14, 58-71. [CrossRef]

Jayjock, M.A.; Armstrong, T.; Taylor, M. The daubert standard as applied to exposure assessment modeling
using the two-zone (NF/FF) model estimation of indoor air breathing zone concentration as an example.
J. Occup. Environ. Hyg. 2011, 8, D114-D122. [CrossRef]

Koivisto, A.J.; Kling, K.I; Hanninen, O.; Jayjock, M.; Londahl, J.; Wierzbicka, A.; Fonseca, A.S.; Uhrbrand, K,;
Boor, B.E,; Jiménez, A.S,; et al. Source specific exposure and risk assessment for indoor aerosols. Sci. Total Environ.
2019, 668, 13-24. [CrossRef]

Koivisto, A.].; Jensen, A.C.0.; Levin, M.; Kling, K.I.; Maso, M.D.; Nielsen, S.H.; Jensen, K.A.; Koponen, LK.
Testing the near field/far field model performance for prediction of particulate matter emissions in a paint
factory. Environ. Sci. Process. Impacts 2015, 17, 62-73. [CrossRef]

Ribalta, C.; Koivisto, A J.; Lopez-Lilao, A.; Estupifia, S.; Minguilléon, M.C.; Monfort, E.; Viana, M. Testing the
performance of one and two box models as tools for risk assessment of particle exposure during packing of
inorganic fertilizer. Sci. Total Environ. 2019, 650, 2423-2436. [CrossRef]

Sahmel, J.; Unice, K.; Scott, P.; Cowan, D.; Paustenbach, D. The Use of Multizone Models to Estimate an
Airborne Chemical Contaminant Generation and Decay Profile: Occupational Exposures of Hairdressers to
Vinyl Chloride in Hairspray During the 1960s and 1970s. Risk Anal. 2009, 29, 1699-1725. [CrossRef]
Jensen, A.; Dal Maso, M.; Koivisto, A.; Belut, E.; Meyer-Plath, A.; Van Tongeren, M.; Sdnchez Jiménez, A ;
Tuinman, I.; Domat, M.; Toftum, J.; et al. Comparison of Geometrical Layouts for a Multi-Box Aerosol Model
from a Single-Chamber Dispersion Study. Environments 2018, 5, 52. [CrossRef]

Jensen, A.C.Q0.; Poikkimiki, M.; Brostrom, A.; Dal Maso, M.; Nielsen, O.].; Rosengrn, T.; Butcher, A.;
Koponen, ILK.,; Koivisto, A.J. The Effect of Sampling Inlet Direction and Distance on Particle Source
Measurements for Dispersion Modeling. Aerosol Air Qual. Res. 2019, 39, 40.

Koivisto, A.].; Jensen, A.C.0.; Kling, K.I.; Nergaard, A.; Brinch, A.; Christensen, F; Jensen, K.A. Quantitative
material releases from products and articles containing manufactured nanomaterials: Towards a release
library. Nanolmpact 2017, 5, 119-132. [CrossRef]

Schripp, T.; Wensing, M.; Uhde, E.; Salthammer, T.; He, C.; Morawska, L. Evaluation of Ultrafine Particle
Emissions from Laser Printers Using Emission Test Chambers. Environ. Sci. Technol. 2008, 42, 4338-4343.
[CrossRef]

Glytsos, T.; Ondracek, J.; Dzumbova, L.; Eleftheriadis, K.; Lazaridis, M. Fine and coarse particle mass
concentrations and emission rates in the workplace of a detergent industry. Indoor Built Environ. 2014, 23,
881-889. [CrossRef]

Koivisto, A.J.; Kling, K.I.; Fonseca, A.S.; Bluhme, A.B.; Moreman, M.; Yu, M.; Costa, A.L.; Giovanni, B.;
Ortelli, S.; Fransman, W.; et al. Dip coating of air purifier ceramic honeycombs with photocatalytic TiO2
nanoparticles: A case study for occupational exposure. Sci. Total Environ. 2018, 630, 1283-1291. [CrossRef]
[PubMed]

Lima, R.S.; Marple, B.R. Optimized HVOF titania coatings. |. Therm. Spray Technol. 2003, 12, 360-369.
[CrossRef]

European Parliment and Council. Directive 199945/EC; European Parliment and Council: Brussels, Belgium, 1999.
Eurpean Parliament and Council. (EC) 1272/2008; European Parliment and Council: Brussels, Belgium, 2008.


http://dx.doi.org/10.1002/wnan.1279
http://www.ncbi.nlm.nih.gov/pubmed/24920450
http://dx.doi.org/10.1016/j.atmosenv.2014.07.034
http://dx.doi.org/10.1021/es00179a003
http://dx.doi.org/10.1111/j.1600-0668.2004.00286.x
http://www.ncbi.nlm.nih.gov/pubmed/15330785
http://dx.doi.org/10.1007/s11267-007-9134-x
http://dx.doi.org/10.1080/15459624.2016.1213392
http://dx.doi.org/10.1080/15459624.2016.1213393
http://dx.doi.org/10.1080/15459624.2011.624387
http://dx.doi.org/10.1016/j.scitotenv.2019.02.398
http://dx.doi.org/10.1039/C4EM00532E
http://dx.doi.org/10.1016/j.scitotenv.2018.09.379
http://dx.doi.org/10.1111/j.1539-6924.2009.01311.x
http://dx.doi.org/10.3390/environments5050052
http://dx.doi.org/10.1016/j.impact.2017.02.001
http://dx.doi.org/10.1021/es702426m
http://dx.doi.org/10.1177/1420326X13483765
http://dx.doi.org/10.1016/j.scitotenv.2018.02.316
http://www.ncbi.nlm.nih.gov/pubmed/29554749
http://dx.doi.org/10.1361/105996303770348230

Int. |. Environ. Res. Public Health 2019, 16, 1695 16 of 16

44.

45.

46.

47.

48.

49.

50.

51.

52.

53.

54.

55.

56.

57.

58.

59.

60.

61.

62.

63.

Asbach, C.; Kuhlbusch, T.; Kaminski, H.; Stahlmecke, B.; Plitzko, S.; Gotz, U.; Voetz, M.; Kiesling, H.-].;
Dahmann, D. Standard Operation Procedures for Assessing Exposure to Nanomaterials, Following a Tiered Approach;
Federal Ministry of Education and Research: Bonn, Germany, 2012.

Kaminski, H.; Beyer, M.; Fissan, H.; Asbach, C.; Kuhlbusch, T.A.]. Measurements of Nanoscale TiO2 and
AI203 in Industrial Workplace Environments—Methodology and Results. Aerosol Air Qual. Res. 2015, 15,
129-141. [CrossRef]

Jensen, A.C.0.; Levin, M.; Koivisto, A.J.; Kling, K.I.; Saber, A.T.; Koponen, LK. Exposure Assessment of
Particulate Matter from Abrasive Treatment of Carbon and Glass Fibre-Reinforced Epoxy-Composites—
Two Case Studies. Aerosol Air Qual. Res. 2015, 15, 1906-1916. [CrossRef]

He, C.; Morawska, L.; Gilbert, D. Particle deposition rates in residential houses. Atmos. Environ. 2005, 39,
3891-3899. [CrossRef]

Van Broekhuizen, P.; Van Veelen, W.; Streekstra, W.H.; Schulte, P.; Reijnders, L. Exposure Limits for
Nanoparticles: Report of an International Workshop on Nano Reference Values. Ann. Occup. Hyg. 2012, 56,
515-524. [PubMed]

Baldwin, PE.J.; Maynard, A.D. A Survey of Wind Speeds in Indoor workplaces. Ann. Occup. Hyg. 1998, 42,
303-313. [CrossRef]

Koivisto, A.J.; Jensen, A.C.0.; Koponen, LK. The general ventilation multipliers calculated by using a standard
Near-Field/Far-Field model. |. Occup. Environ. Hyg. 2018, 15, D38-D43. [CrossRef] [PubMed]

He, C.; Morawska, L.; Taplin, L. Particle emission characteristics of office printers. Environ. Sci. Technol. 2007,
41, 6039-6045. [CrossRef]

Koivisto, A.J.; Hussein, T.; Niemeld, R.; Tuomi, T.; Himeri, K. Impact of particle emissions of new laser
printers on modeled office room. Atmos. Environ. 2010, 44, 2140-2146. [CrossRef]

Afshari, A.; Matson, U.; Ekberg, L.E. Characterization of indoor sources of fine and ultrafine particles:
A study conducted in a full-scale chamber. Indoor Air 2005, 15, 141-150. [CrossRef]

He, C.; Morawska, L.; Hitchins, J.; Gilbert, D. Contribution from indoor sources to particle number and mass
concentrations in residential houses. Atmos. Environ. 2004, 38, 3405-3415. [CrossRef]

Hussein, T.; Glytsos, T.; Ondracek, J.; Dohanyosov4, P; Zdimal, V.; Hameri, K.; Lazaridis, M.; Smolik, I
Kulmala, M. Particle size characterization and emission rates during indoor activities in a house.
Atmos. Environ. 2006, 40, 4285-4307. [CrossRef]

Demou, E.; Stark, W.].; Hellweg, S. Particle emission and exposure during nanoparticle synthesis in research
laboratories. Ann. Occup. Hyg. 2009, 53, 829-838. [PubMed]

Arnold, S.F; Shao, Y.; Ramachandran, G. Evaluating well-mixed room and near-field—far-field model
performance under highly controlled conditions. J. Occup. Environ. Hyg. 2017, 14, 427-437. [CrossRef]
[PubMed]

Keil, C.B. A Tiered Approach to Deterministic Models for Indoor Air Exposures. Appl. Occup. Environ. Hyg.
2000, 15, 145-151. [CrossRef] [PubMed]

Boelter, EW.; Simmons, C.E.; Berman, L.; Scheff, P. Two-zone model application to breathing zone and area
welding fume concentration data. J. Occup. Environ. Hyg. 2009, 6, 289-297. [CrossRef]

Jones, RM.; Simmons, C.E.; Boelter, EW. Comparing two-zone models of dust exposure. J. Occup. Environ. Hyg.
2011, 8, 513-519. [CrossRef]

Lopez, R.; Lacey, S.E.; Jones, R.M. Application of a Two-Zone Model to Estimate Medical Laser-Generated
Particulate Matter Exposures. |. Occup. Environ. Hyg. 2015, 12, 309-313. [CrossRef] [PubMed]

Zhang, Y.; Banerjee, S.; Yang, R.; Lungu, C.; Ramachandran, G. Bayesian Modeling of Exposure and Airflow
Using Two-Zone Models. Ann. Occup. Hyg. 2009, 53, 409—424. [PubMed]

Nicas, M. The near field/far field model with constant application of chemical mass and exponentially
decreasing emission of the mass applied. J. Occup. Environ. Hyg. 2016, 13, 519-528. [CrossRef] [PubMed]

@ © 2019 by the authors. Licensee MDPI, Basel, Switzerland. This article is an open access
@ article distributed under the terms and conditions of the Creative Commons Attribution

(CC BY) license (http://creativecommons.org/licenses/by/4.0/).


http://dx.doi.org/10.4209/aaqr.2014.03.0065
http://dx.doi.org/10.4209/aaqr.2015.02.0086
http://dx.doi.org/10.1016/j.atmosenv.2005.03.016
http://www.ncbi.nlm.nih.gov/pubmed/22752096
http://dx.doi.org/10.1016/S0003-4878(98)00031-3
http://dx.doi.org/10.1080/15459624.2018.1440084
http://www.ncbi.nlm.nih.gov/pubmed/29494272
http://dx.doi.org/10.1021/es063049z
http://dx.doi.org/10.1016/j.atmosenv.2010.02.023
http://dx.doi.org/10.1111/j.1600-0668.2005.00332.x
http://dx.doi.org/10.1016/j.atmosenv.2004.03.027
http://dx.doi.org/10.1016/j.atmosenv.2006.03.053
http://www.ncbi.nlm.nih.gov/pubmed/19703918
http://dx.doi.org/10.1080/15459624.2017.1285492
http://www.ncbi.nlm.nih.gov/pubmed/28475481
http://dx.doi.org/10.1080/104732200301962
http://www.ncbi.nlm.nih.gov/pubmed/10712069
http://dx.doi.org/10.1080/15459620902809895
http://dx.doi.org/10.1080/15459624.2011.598762
http://dx.doi.org/10.1080/15459624.2014.989361
http://www.ncbi.nlm.nih.gov/pubmed/25622045
http://www.ncbi.nlm.nih.gov/pubmed/19403840
http://dx.doi.org/10.1080/15459624.2016.1148268
http://www.ncbi.nlm.nih.gov/pubmed/26861562
http://creativecommons.org/
http://creativecommons.org/licenses/by/4.0/.

	Introduction 
	Materials and Methods 
	Work environment and Process 
	Feedstock Material 
	Online Measurements and Airborne Particle Collection 
	Exposure Modeling 
	Air changes per hour (ACH) 
	Particle Emission Rates 
	One-box Mass Balance Model 


	Results and Discussion 
	Exposure Concentrations 
	Air Exchange Quantification 
	Particle Emission Rates 
	One-Box Model Performance 

	Conclusions 
	References

