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What drivesthelocalization of Spanish multinationalsin developing and transition

countries?

Abstract

In this paper, we investigate the location deteamia of Spanish multinational firms in developingla
transition economies. We pay particular attentmthe role played by market potential and agglotiwra
economies as decisive factors in location. We atslyse whether, beyond the observed attributese th
are any significant differences across regionseims of attracting foreign affiliates. With thisvagiwe
estimate a mixed logit model, which allows us talagenously consider the existence of complex
substitution patterns among different destinatio@sir results confirm that Spanish investment in
developing and transition countries depends on etgoktential and agglomeration externalities. The
intensity of these externalities, however, depesrishe nationality of competitors, greater rivatging
observed among Spanish-owned affiliates. Furtheemaur findings show that the location of
multinational firms responds both to factors redate the local business environment, includingabst

and quality of labour and infrastructures, andh éxistence of specific regional effects.

Keywords: Location choice; Developing and transition coi@sy Multinational firms; Mixed logit models.

JEL classification: F21; F23; R39



1.-INTRODUCTION

Over the last few decades, the world has witnesss@nificant rise in the scale of
multinational operations, which has been accomphiaiethe same time, by a substantial
change in the location patterns of their offshariviies. The notable reduction in the
weight of traditional North-North flows of foreigirect investment (FDI) in favour of
North-South, and even South-South, flows appeasma®f the most significant stylized
facts of the last wave of globalization. In faatward FDI flows to developing and
transition economies have been growing since tb@éthe last century (Barba-Navaretti
and Venables, 2004), reaching their highest lav20il4, when they attracted nearly 60%
of world FDI inflows (UNCTAD, 2015).

This rapid expansion of FDI has triggered a gresdl df research into the factors
underlying the investment location patterns of iigmeaffiliates of multinational firms
(MNEs). However, in contrast to the recent trerfds,a long time research remained
focused on the location decisions of multinatidirats in developed economies. This is
the case of the studies conducted by, among otBassle et al. (2008) for MNEs in
Europe, Basile (2004) and Mariotti et al. (2010)ltaly, Crozet et al. (2004) for France,
Duranton and Overman (2008) for United Kingdom, ri@aries et al. (2000) for Portugal,
and Head and Mayer (2004) for Japanese MNEs ing&dro

In this paper, we try to partially fill this gap eynpirically investigating the factors that
drive the location decisions of Spanish MNEs inaeleping and transition economies. .
With this aim, we estimate a mixed logit model (MX&pplied to firm-level data for
Spanish multinationals in developing and transgi@tonomies from 1990 to 2010.
Without ignoring the traditional determinants teaplain the location of these offshore
activities (such as labour cost, market size, dtsta infrastructures or business
environment), we mainly base our work on the pisahs highlighted by the New
Economic Geography (NEG) models applied to FDI.c8mally, we focus on the role
played by market potential and agglomeration ecaesms decisive factors in choice of

location. On the one hand, market potential higtighe fact that the relevant measure

1There are some exceptions, however, such as Frehkél(2004), who analyse the determinants of FDI
from the five largest industrialized countries tawamber of emerging economies in Asia, Latin Amegric
and Central and Eastern Europe; Pusterla and Re@@0v), who focus on the location decision ofgn
firms in four Central and Eastern European Cousitrie Rasciute et al. (2014), who studied the looat
decisions of firms from 20 OECD countries to 13&ition economies (CEECS).
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of market size of a location is not limited to juist own market, but extends to other
nearby markets (Head and Mayer, 20®%) the other hand, the agglomeration economies
allow us to consider the tendency towards the abpaltistering of MNEs in host markets.
These agglomeration economies, associated with lledge spillovers, availability of
intermediate goods and services, labour markeilisyaketc., encourage multinational
firms to locate where other firms are already pib@d¢ead et al., 1995, 1999; Mariotti et
al., 2010).

Furthermore, we also take into account what Cretretl. (2004) recently pointed out
concerning the nationality of competitors. Accoglio these authors, the agglomeration
patterns of the foreign subsidiaries of MNEs areamy determined by the number of
firms but also by their country of origin. Thus, g to ascertain to what extent the
nationality of competitors influences the intenstly these externalities. Finally, we
analyse whether, apart from the observed attribtitese are any significant differences

across regions in terms of the attraction they lhal&panish foreign affiliates.

From the methodological point of view, the use aked logit models methodology
allows us to relax the restrictive substitutiont@at of the standard logit modélsBy so
doing, we can test for potential substitution pageamong alternatives and obtain more

accurate predictions.

In line with the NEG hypotheses, our results shbat both agglomeration economies
and market potential play an important role inldeation of Spanish multinational firms
in developing and transition economies. The pasigxternalities associated with the
agglomeration effects nevertheless present impow#ferences, depending on the
nationality of the firms located in the same pla€ke cost and quality of labour, the
availability of physical infrastructures and a favable business environment also appear
to be important determinants for Spanish firms whegiding where to locate their
affiliates in developing and transition economigsally, our findings reveal a specific
regional component and the presence of substitpatterns among alternative locations,

this latter confirming the appropriateness of th€lMestimation.

2 The assumption of independence of irrelevant radtieres imposed by traditional models of discrete
choice assumes that the probability of choosingvéen two alternative options does not depend on the
characteristics of the other alternatives. Thatlighe alternatives are equally substitutive eattter.
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The rest of the paper is organized as followshénrtext section, we review the literature
concerning the location determinants of multinaglofirms. Section 3 describes the
dataset and the econometric methodology. Sectioregents the estimation results, and

the final section concludes.

2.- RELATED EMPIRICAL LITERATURE ON MNEs AND FDI LOCATION
DETERMINANTS

The theoretical literature highlights the idea thmetst country characteristics that
multinational firms will find most attractive depds on the motives of the foreign
investors® In this same line, the most relevant empiricaleaesh on the location
determinants of foreign investments focuses on bosghtry characteristics such as the
size and quality of the host market, the endowmoémiatural resources or geographical
proximity to consumer$Other studies (Blomstrom and Kokko, 2002; Noorisdkeét al.,
2001) also test to what extent the availabilithhoman capital (skilled versus non-skilled

workers, together with the costs involved) influesidocation choices.

Recently, additional factors from the developmesftthe NEG theory related to the
forces that favour the concentration or disperssbreconomic activity have become
commonplace in the literature on the determinahtseolocation decisions of MNEs and
FDI.% In our view, this literature makes two major cdmitions to the study of location

decisions of MNEs, i.e. it stresses the importamicagglomeration economies, and it
retrieves the concept of market potential. In adance with the market-seeking FDI
hypothesi$, many works support a positive association betwhermarket size of the

host economy and foreign investment inflows (Beaad Estrin, 2004; Kang and Jiang,
2012). However, according to Head and Mayer (2@d4i) the new developments of the

NEG, while the ability to access a foreign markditde cost motivates firms to locate

3 Faeth (2009) and Basile and Kayam (2015) incluaeléent surveys on theoretical FDI models

4 Blonigen (2005) or more recently Basile and Kaya015) provide exhaustive overviews of the empirica
literature.

5 Since the seminal work of Krugman (1991a, b) vagiauthors have contributed to the development of
the NEG model. Krugman (1999), Neary (2001) andt&wnd Thisse (2002), for example, include
excellent reviews on the NEG theory and its contidn to different fields of economics.

6 Brainard (1997).



production in that country, the ability to entehet markets from that country also

matters’

The empirical literature has also dealt extensiveth the importance of agglomeration
economies and the dynamic process generating malustusters. Particularly, the

following studies provide evidence on agglomeragoonomies: Barrel and Pain (1999)
and Head and Mayer (2004) for US and Japanese iiiwasting in Europe, respectively;
Barrios et al. (2006) for FDI in Ireland; DisdiearxdaMayer (2004) and Procher (2011) for
French firms locating abroad; Hilber and Voicu (@PpTfor Romania; Majocchi and

Pressuti (2009) for FDI in Italy; Pusterla and Resn2007) for the EEC region; and

Spies (2010) for multinational firms in Germany.

This literature states that the attractivenessadumtry is a function not only of market
access but also of the existence of informatiorlos@rs arising from industrial
agglomerations (Fujita and Thisse, 2002; Maridtéle 2010). Head et al. (1999) pointed
out that, all other things being equal, foreignestors will prefer locations chosen by
preceding investors. For Barry et al. (2003), firmght be further attracted by the
presence of existing firms, as the agglomerationomfpanies is sending out signals to
new investors about the reliability of the hostmioy. Agglomeration effects might also
be capturing the intensity of competition. Accoglin the increase in the number of firms
operating in a market may have a negative impacthenattractiveness of this place
through increased competition. Which of these t¥eces dominates seems to be more

of an empirical question than a theoretical one.

Besides, Alfaro and Chen (2014, 2016) recently gedinrout that the agglomeration
patterns of foreign subsidiaries of MNEs are déferfrom those of domestic firms. These
authors find that foreign affiliate patterns arkated both to the number of firms and to
their country of origin. For Crozet et al. (2004lgpending on the country of origin,
positive spillovers from clustering between firmencbe more or less pronounced. In
particular, they found that for firms investingknance, the agglomeration effects among

firms with the same nationality are much highenthgth foreign firms. Similar outcomes

7 Other authors that show the relevance of markentiat in the location decision of foreign firmsiade
Basile et al. (2008), Chang et al. (2014), Crozetle(2004), Pusterla and Resmini (2007) and Raoch
(2011). For these authors, the larger the markesnpial is, the more attractive the host countryemion
will be.



were found by Chang et al. (2011) for JapaneseTandanese multinational firms in
China. These results agree with what Head et@@F)ldefined as the “follow-the-leader”
pattern of multinational firms. By analysing Japss@érms investing in the USA, these
authors showed that, for these firms, the effegre¥ious Japanese investments in terms

of attractiveness exceeds that of prior US investste

Bevan and Estrin (2004) and Chang et al. (2014yvelahat the decision on where to
locate foreign affiliates also depends on the prityi to the investor's home country.

According to these authors, a shorter geographbistdnce results in a lower fixed entry
cost because of the decreased costs of commumsadind of dealing with cultural

differences. Blonigen and Wang (2005), howevernieai out that greater distances not
only make the control of overseas investment mdfieult but also increase trade costs,
and therefore the net effect of increasing distdreteveen parent and host countries is
ambiguous. Additionally, for the Spanish case, V8® aeed to take into consideration
the fact that physical distance does not necegsaadlch cultural distance, as a number
of distant countries, such as those in Latin Ana(lcA), share a similar language and a
common history with Spain. Drogenkijk and Martir0{8), for example, identified

cultural proximity as the most important driverkidl in LA for Spanish firms.

The literature on efficiency-seeking FDI has algghhghted relative factor abundance
as another important aspect in explaining the gggigeal distribution of FDY.In the
empirical literature researchers have used sepesales to take this factor into account.
Perhaps the most widely used have been the inmi$s @@ the endowment of skilled
labour. For Kinoshita and Campos (2003), if foreigaestors segment part of their
production process internationally to benefit frésw labour costs, the availability of
cheap labour is an important stimulus for the lecaof foreign firms. Moreover, since
the theoretical contribution by Lucas (1990) cona®y the importance of human capital
on FDI flows to less developed countries, many eicgdistudies have found evidence of
the role that the availability of skilled labourags as a determinant for FDI (see
Gauselmann and Marek, 2012; Noorbakhsh et al.,;Z0fdng, 2001, among others).

& However, contrary to this literature, Procher (20ddncluded that the nationality of firms withirgaven
cluster plays only a minor role. According to hidfngs, the agglomeration effects are not resttidb
the clusters of home country firms, as the agglamen of firms from other nationalities yields slani
results as regards the attractiveness of a location

9 See Zhang and Markusen (1999).



Recent empirical works have also identified macooemic stability or the availability
and quality of different kinds of infrastructuresencouraging factors for FDI, especially
for developing and transition economies. As Busxe Hefeker (2007), Demekas et al.
(2007), Mina (2012) and Zhang (2001) stated, MNEgp to invest in countries with
higher stability at the macro level, as this inesesathe economic security and business
opportunities. Besides, for some authors, betteesg to infrastructures provides an
important stimulus for the location of foreign afftes by MNEs (see Asiedu, 2002;
Cheng and Kwan, 2000; Coughlin and Segev, 2000yil&ly, for Kinda (2010),
problems with physical infrastructures (includede¢emmunications restrictions)

discourage FDI in developing countries.

However, the incentives for the location of foregjfiliates come not only from physical
or hard infrastructures, but also from the so-chllsoft infrastructures. Hard
infrastructures include roads, motorways, inform@tnd communication technologies
(ICT), etc., while soft infrastructures are thoskted to a transparent legal system, stable
institutions, domestic regulations, and so fdft this line, Busse and Hefeker (2007),
Globerman and Shapiro (2002), Javorcik and Wei920inoshita and Campos (2003),
Kang and Jiang (2012) and Mina (2012) have confirrttee negative influence of

corruption on the location of FDI in developing atries!

3.- DATA AND THE ECONOMETRIC MODEL

a. Data and variables

In this paper we use data from the Investment Matplzhsé? This database provides
firm-level data about foreign affiliates of multii@nal firms and the location of their
facilities. More specifically, our empirical anaigysuses information on the location

choice of 4,177 foreign affiliates of 826 Spanisargmt companies located in 52

10See Portugal-Perez and Wilson (2010) for a dedinitif hard and soft infrastructures.

1However, other authors, such as Barassi and ZHil2§2 show a positive impact of corruption on FDI,
thus providing support to the existence of the gived-hand” role of corruption.

2International Trade Center (UNCTAD and WTO), 2011.
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developing and transition countries from 1990 td@¥ Figure 1 shows the geographical
distribution of these affiliate¥’.

Figure 1. Distribution of Spanish foreign affiliaten developing and transition countries,
1990-2010.
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Source: Own elaboration based on Investment Maghdae (ITC, 2011).

We observe that Latin America attracts a large guaege of offshore Spanish
multinationals (Figure 1), the most attractive dedtons being Brazil, Mexico and
Argentina. Additionally, we appreciate that sizettei® as a location determinant. Thus,
large economies attract quite a significant numbkrSpanish affiliates, which is
consistent with the predictions of the NEG thedry.Central and Eastern European
countries, they are mainly located in Romania, Ribland Turkey. For Asia and Africa
we find that most of the affiliates in each of thesgions are concentrated in only one

country, namely China, in the case of Asia, andddoo, in the case of Africa.

Consistent with previous literature, in the empiki@nalysis, as factors that may
encourage or deter the location of MNEs, we havesidered country characteristics
related to the size and quality of the host androsunding markets, including

agglomeration forces, geographical proximity, labowarket features and the local

13 Note, however, that although we have a period ofy@ars, the year the different affiliates were
established is unknown. Therefore, our datasealwsss-sectional rather than a panel data steictur
n Figure A.1 in the Appendix, we further show theact number of Spanish foreign affiliates (andrthe
percentages) across countries.



business environment. Table 1 below shows all thplaeatory variables (their

definitions, sources and their expected signs).

Table 1. Definitions of the explanatory variables @heir sources.

Variable Definition Source SE,i)é?,eCtEd
Spanish Natural logarithm of Hoover's Own elaboration based on the Investment ~ +/-

agglomeration location index for Spanish firms in the Map database (International Trade Center,
host country over the period 1990- 2011). http://investmentmap.org
2010.

Foreign Natural logarithm of Hoover’s Own elaboration based on the Investment  +/-

agglomeration location index for foreign firms in the Map database (International Trade Center,
host country over the period 1990-  2011).

2010.
Market Natural logarithm of GDP of the host Own elaboration (the GDP is obtained +
potential countryj and adds the GDP of all from the World Development Indicators

surrounding countries weighted by thedatabase, 2012).
Euclidean distance between major  http://data.worldbank.org/data-

cities in the host and surrounding catalog/world-development-indicators
countries (billions).
Distance Natural logarithm of bilateral distance Centre d'Etudes Prospectives et +/-
between the main cities in the home d'Informations Internationales (2012).
country (thousands of km). http://www.cepii.fr/
GDP per capita  Natural logarithm of GDP per capita World Development Indicators (World +/-
in the host country (thousands). Bank database, 2012).
Employee Natural logarithm of compensation of World Development Indicators (World +/-
compensation employees, which consists of all Bank database, 2012).

payments in cash, and contributions to
government social insurance and
pension schemes that provide
employees with benefits.

Non-income Natural logarithm of non-income HDI United Nations Development Programme +
HDI (Human in the host country. The Human (2011).http://hdr.undp.org/en/statistics/hdi
Development Development Index (HDI) is a

Index) summary measure of average

achievement in key dimensions of
human development: a long and
healthy life, knowledge and the
standard of living.
Road density Natural logarithm of road density (km World Development Indicators (World +
of road per sq. km of land area) in the Bank database, 2012).
host country].

ICT Natural logarithm of total number of World Development Indicators (World +
internet users in the host countrfper Bank database, 2012).
100 people).
Control of Captures perceptions of the extent to World Governance Indicators (World +
corruption which public power is exercised for  Bank, 2010).

private gain, including both petty and
grand forms of corruption. Higher
values of this variable represent a
higher degree of control of corruption
in the host country.

Inflation rate Natural logarithm of inflation rate in ~ World Development Indicators (World -
the host country. Bank database, 2012).
N1/ N

Note: Hoover’s localization coefficient was complites foIIowsH,]l = whereN,{ is the number of

. S NL/EnZiNg
foreign firms from countr in countryj. If H,]l > 1, then country has a share of foreign firms from countryhat
is higher than that of other countries.



As mentioned earlier, agglomeration effects haueallyg been measured in empirical
works by the total number of firms in a region ect®r (see, for instance, Head et al.,
2002, and Disdier and Mayer, 2004). However, adogrth Pusterla and Resmini (2007),
the absolute measure of the total number of foraffjiiates might not be controlling for

other relevant effects related with agglomeratiattggns. Similarly, Head et al. (2002)
showed that the use of an absolute measure ofraggition may lead to the collection
of the same effect as other demand variables. §akiese considerations into account,
here we employ Hoover's location index as a retatimeasure of agglomeration.
Moreover, we elaborated this index separately fosrsh-owned and foreign-owned
affiliates in order to analyse the sensitivity dietagglomeration spillovers to the

nationality of firms (see Table 1 for more details)

Like most of the empirical literature on locatidmoece (see, among others, the work by
Chang et al., 2014; Crozet, 2004; and Spies, 2ah6é)market potential of countjy
(MKP)) is calculated here in accordance with Harris @¥sGDP; + Zj4«(GDP/distjk).
This expression captures both the size of therhasket and its attractiveness as a means
to access other nearby markets. We have also iettitie distancedistij) between (the
capital cities of) the home and the host countireur model as an explanatory
variable!® This variable attempts to control for both thensjaortation costs and the
transaction costs that arise from cultural diffeesyand unfamiliarity with the legal
framework (Chang et al., 2014; Disdier and May@€f4). In our case, however, the vast
distance from Spain to countries that are moshliteehave more cultural similarities, as

is the case of LA economies, means that this latteation is not necessarily trife.

Moving on to an efficiency-seeking motivation behitme location of MNEs, here we

capture the influence of the relative factor abumogaby the GDP per capita of the host
country. Although much of the empirical literatune this issue uses data on labour costs,
the lack of data for many of the countries congdenas led us to use GDP per capita

instead'’ Other studies that use GDP per capita as a prblabour cost to analyse the

15Given that the information about the cities whéaeheadquarters are located is not available, weata
capture the effects of firm headquarters, as sugddsy an anonymous referee.

16 We initially included (besides distance) a dummyiakde for language (equal to one for Spanish-
speaking countries, and zero otherwise). Howevsas, Yariable was not significant in any regression
(results are available upon request).

1"The Global Wage Report of the International Lab@uganization (2008) states that, despite the esffort
“the wage data for developing countries remain inglete (and) the quality of the data is also ane%s
p.10. More specifically, this dataset provides datdabour cost for only 22 of the 52 countriessiolered
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location determinants of FDI include Mayer et @010) and Nefussi and Schwellnus
(2010).

Although the measure of GDP per capita is imperféatre is some evidence of the
existence of a high correlation between relaticédiaendowments and per capita income,
especially in the case of developing countriesD&baere (2003) has found, there is a
strong association between GDP per capita and atiesrof capital-labour, skilled-
unskilled labour, and capital-unskilled labour, atids association is especially

significant for the North-South group of countra@sidered.

Additionally, and as a robustness check, we havel@®mad the compensation of
employees to measure labour cost (see the defintiothis variable in Table 1).
However, the use of this variable is not free friamtations: by leaving many relevant
destination countries (such as Argentina, Mexicd @hina) out of our analysis, some
guestions have already been raised as to the egpativeness of the sample. Indeed, the
lack of information for this variable in these eoames reduces our sample by more than

43% of the total number of observations.

The use of GDP per capita to proxy the relativédiacost in the location choice of FDI
has also been questioned, since this variable orthelr capture the greater attractiveness
of wealthy countries or a skilled labour force. Howar, since our analysis also includes
other variables from the demand side, such as mpdtential, here GDP per capita is
expected to represent the higher labour costsediidist markets. Moreover, we have also
controlled for labour quality. Specifically, we qudy the beneficial impact that a greater
availability of skilled labour has on the locatioecision of multinational firms by
including the non-income Human Development IndexDIjiH published by UNDP
(2011). This is a composite index that combinegatdrs of educational attainment and
life expectancy, and hence a greater value ofitloiex is related with a higher value of

skilled labour.

We include two variables to capture for the qualitphysical (hard) infrastructures: road
density and ICT (proxied by the total numbers dkinet users) of the destination
countries. The effect of these two determinantshenlocation choice of multinational

in our analysis and it has information for 2010 dmly 13 of them. Indeed, for many relevant cowstri
(like Chile, Poland and China) there is no datdatwour costs in any of the periods considered.
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firms is expected to be positive. Besides, to adritr macroeconomic determinants, we
use a corruption index variable and the inflatiateras proxies for the quality of
institutions and macroeconomic stability. Bettestitutions and a stable economic
climate are both assumed to improve the businassefivork and to thus encourage firms
to locate in the country under consideration, egigcwhen this is a developing or
transition economy (as is our case). We report sdeseriptive statistics of the different

explanatory variables in Table A.1 in the Appendix.
b. Estimation methodol ogy

In this paper, we estimate the determinants ofdba&tion choice for foreign affiliates by
Spanish multinational firms by means of a mixeditlagodel. As in the traditional
conditional logit model, here the dependent vaedhl) represents the binary response
of firms’ location decision. In particular;;takes the value of one when the multinational
firms choose country to locate affiliatei and zero for other alternative locations.
However, in contrast to the conditional logit mqdéke MXL allows us to capture any
substitution pattern among alternative destinatiotais taking into account the
possibility that unobserved factors make some kattins closer substitutes. Hence, by
using this novel methodology, we seek to bringntfoelel more into line with reality than

most commonly used discrete choice models.

Mixed logit models base on a random utility (prefimaximization (RUM) framework.
In this case, each investor selects an alternltoagion among a set of mutually exclusive
locations according to its profit function. Theng wan represent the expected profit of

firm i for a locationj, m;;, as a linear discrete choice model:

i = B Xij + & 1)
whereX;; is a vector of explanatory variables that are oleeby firmi and includes
host country characteristics that have an impadherexpected profits of the firna;;

captures the influence of unobservable factors finrés location decision; ang; is a

vector of coefficients.

According to the RUM hypothesis, the firm that krsothe value ofs and ¢ for all

alternatives will choose the location that will lgiét the highest profit. That is, firfnwill

12



choose locatiomnif and only ifr;; > m; Vi # j(l = 1,---,L). Then, the probability of firm

j investing in location can be expressed as:

P;j = P(m;; > my)Vi#j(l=1,-+,L) )

Given the stochastic nature of the profits functioas it depends partly on unobserved
factors (the researcher observesXkibut notg ande) — we need to make an assumption
about the distribution of the unobserved part ileorto calculate the probability that a

firm will select a particular destination to invest

The traditional conditional logit model assumed thap, are constant for all firms (thus
excluding the possibility of preference variatioasyl that the error term is independently
and identically distributed (1ID), with type | egtme value distribution, which imposes
the property of independence of irrelevance alteres, IIA, (McFadden, 1974).
According to this property, a change in the chamastics of one location should alter the
probability of choosing alternative locations prajmally.® However, this fails if
certain unobserved characteristics exist that nifterent locations more competitive
with each other. The unobserved attributes mayecaagelation in the unobserved part
of profits across alternatives, which violates tli2@ assumption. In this case, the
conditional logit estimates would be biased, evdrenvcountry-specific effects are

considered, as shown by Herriges and Kling (1997).

The mixed logit model overcomes these limitationgs dlowing correlations in
unobserved factord. Specifically, by relaxing the IIA assumption, MXinakes it
possible to estimate complex substitution pattdivet stem from the unobserved
similarities and differences among alternative tmees, thereby accounting for the

possibility that firms perceive some alternativesaing more similar to one another.

The probability of choosing an alternative locationthe mixed logit model can be
derived under two behavioural specifications: rangmrameter specification and error

components setup. Each of these two derivationggee a particular interpretation of

18The IIA assumes that the ratio of the probabilitingesting in country A over the probability ofiesting

in country B is independent of the attributes of ather location. See Browstone and Train (1999).
19Similarly, although the nested logit model partiaxes the 11D assumption by allowing some coriatat
between alternatives within the same mutually estgkigroups (nests), it imposes this condition agnon
alternative destinations between groups.

20Hensher and Greene (2003) provides a more de&igidnation about mixed logit models.
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the MXL model. Under a random parameter specificatihe values of; represent the
preference of the firms (Train, 2002). In this cabe Bi coefficients from Eq. (1) are
treated as random parameters instead of fixed peas(thus encompassing preference
heterogeneity among firms). In the error componetsip, instead, the unobserved
(random) part of the profit function represents stilbition patterns over alternatives.
Random coefficients and error components spediicatare formally equivalent when
Xij andY;j; overlap. However, as mentioned above, they prodifferent interpretations.
Given that our goal in this paper is to capture patential substitution patterns across
locations, we focus on estimating the correlatiaososs alternatives through an error

components approach.

Accordingly, we specify the profits function as@tination of the 1ID extreme value
error term of the conditional logiti, and another distribution (mixing distributionjpth
induces heteroskedasticity and correlation acrd&snatives (thus relaxing the I[IA

assumption). More particularly, the profit from &ionj is modelled as:
M = a' Xy + [0V + w 3

whereY;j; is a vector of observed variables of each locatlowice,« is a vector of fixed
coefficients andy; is a vector of randomly distributed parameterdwliénsity g(.) over
all firms 22 In this model, the variances of the error compasieapture the magnitude of
the correlationsand, hence, the different substitution patterns ragnalternatives.
Specifically, a value of this variance other thamozindicates that firms perceive the

different regions as closer substitutes for locatioterms of the observed attribute.

An advantage of the MXL model is that any elemeayime included in the random term,
which allows us to endogenously identify thosedexthat make the different countries

closer substitutes for the location of foreignlaftes?® In fact, contrary to the nested logit

2 However, it is important to note that, as mentiobgdTrain (2002), regardless of the motivation, the
mixing distribution is indeed capturing variancelarrelations in unobserved factors. In fact weeha
mixture of random coefficients and an error compasetup.

22|n this paper, we have assumed that the distribuifag(.), mixing distribution, is normal, with mea

and covariancaV. Alternatively, we could specify g(.) to be digerdlatent class model) or use data
segmentation strategies. However, the challengfgest last strategies consists in picking the mgintber

of points (latent classes) on the distributionegreentation criteria (Hensher and Greene, 2003).

23 McFadden and Train (2000) demonstrated that MXLlmaspecified to approximate any discrete choice
model derived from random utility maximization @a arbitrary degree of closeness) with the appatgri
choices ofj andY.
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model, which relies on a particular nesting streestan MXL model enables us to obtain
any substitution pattern among alternatives by nkie appropriate choice of variables

that enter the error components,

Specifically, the unconditional probability of cheing destination in the mixed logit
model can be obtained by estimatihgover all the possible values 9f?* Thus, a mixed
logit probability is a weighted average of the tdgrmula evaluated at different values
of n, with the weights given by the density g(.). Wiibn-zero error components, profits

are thus correlated over alternative locations.

e @ XijtniYij (4)
sz 7 / (UVh:W)dU
V), S e

This equation, however, has no closed-form solutaord therefore it must be solved
through simulatiort® In this work, we have specified different mixedjitomodels to
endogenously determine what leads Spanish firmetolocations as being more similar

in the competition to attract foreign investéts.
4.- MAINRESULTS

Table 2 below presents the outcomes for the esomaft the MXL models. In this table,
the endogenous variable represents the binary mespaf firm’s location decision. We
show both the estimate coefficients and the stahdaviation of the error term for the
different variables (bottom part of the table)stlatter capturing the potential correlation

across alternatives in terms of the different |daators.

2The standard logit model is in fact a special azfsthe mixed logit when g(.) is degenerated atdixe
parameters, thus implying no correlation in proitsoss alternatives. It is also possible to gaiested
logit model from the MXL specification by defining as a vector of dummy variables, which are equal to
one when the alternatiyes in nestk and zero otherwise (see Brownstone and Train,)1998

25The results reported in this work are from 100@ian draws.

% |n this work, we implemented mixed logit estimationa STATA package developed by Hole (2007).
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Table 2. Mixed logit estimations

Variables

1)

)

@)

(4)

©)

(6)

@)

(8)

Spanish Agglo.
Foreign Agglo.
Market potential
Distance

GDP per capita

Employee Comp.

Non-income HDI
Hard Infra.

Road density

ICT
Soft Infra.

Contr. Corrupt.
Inflation rate
Asia
CEE
Latin America

Std. Dev.
Spanish Agglo.
Foreign Agglo.
Market potential
Distance

GDP per capita

Employee Comp.

Non-income HDI
Hard Infra.

Road density

ICT
Soft Infra.

Contr. Corrupt.
Inflation rate
Asia
CEE
Latin America

5.062 (0.899)***
69.462 (14.173)***
1.306 (0.035)**
-0.001 (0.063)
-0.018 (0.077)

3.712 (0.569)**

1.740 (0.462)*+

47.938 (7.314)**

0.560 (0.034)**
0.213 (0.134)
0.076 (0.088)

2.711 (0.382)**

4.001 (0.599)***

54.266 (11.194)***

1.341 (0.045)*+
-0.042 (0.058)

-0.121 (0.011)**
4.019 (0.361)**

1.602 (0.325)**
0.037 (3.655)
0.496 (0.057)**
0.092 (0.150)

0.002 (0.006)
4.019 (0.361)**

3.320 (0.718)**
41.813 (11.037)**
1.358 (0.040)**
-1.181 (0.160)**
-0.377 (0.097)

3.979 (0.588)**

1.605 (0.343)**
1.669 (0.353)**
3.740 (0.410)*+

1.396 (0.377)**

34.683 (5.619)**

0.514 (0.045)*+
0.238 (0.308)
0.130 (0.110)

4.620 (0.425)*+

0.131 (0.208)
0.890 (0.762)
0.454 (0.862)

4.287 (0.830)**
54.460 (13.241)**
1.295 (0.040)***
0.118 (0.081)
-0.317 (0.081)**

3.134 (0.526)**

0.091 (0.032)**
0.461 (0.100)*+

0.425 (0.071)**+

1.358 (0.453)**

40.521 (6.868)***

0.518 (0.037)**
0.219 (0.201)
0.043 (0.088)

1.836 (0.900)**

0.004 (0.028)
0.557 (0.194)*+

0.086 (0.152)

16

4.388 (0.662)**

57.532 (12.270)***

1.401 (0.054)*+
-0.075 (0.063)

-0.115 (0.013)**
4.888 (0.525)**

.0127 (0.030)***
-0.200 (0.086)*

-0.081 (0.113)

1.838 (0.355)**
0.759 (3.956)
0.497 (0.063)**
0.079 (0.146)

0.001 (0.008)
3.306 (0.425)

0.007 (0.014)
0.021 (0.071)

0.131 (0.199)

4.427 (0.928)**

59.375 (14.982)***

1.157 (0.046)**
0.226 (0.062)**
-0.304 (0.081)**

2.780 (0.515)*+

0.083 (0.032)***
0.416 (0.099)*+

0.258 (0.085)*+
-0.416 (0.074)**

1.388 (0.496)***

44.115 (7.887)**

0.399 (0.051)*+
0.101 (0.120)
0.044 (0.092)

1.893 (0.728)**

0.004 (0.029)
0.463 (0.215)*

0.177 (0.268)
0.041 (0.043)

4.086 (0.619)**
52.204 (11.230)***
1.403 (0.053)**
-0.063 (0.066)

-0.111 (0.014)**
4.795 (0.524)*+

0.126 (0.032)**
-0.198 (0.093)*

-0.099 (0.116)
-0.044 (0.089)

1.685 (0.344)*+
0.332 (3.637)
0.507 (0.058)**
0.105 (0.468)

0.003 (0.007)
3.220 (0.539)**

0.001 (0.014)
0.154 (0.104)

0.020 (0.207)
0.008 (0.048)

2.631 (0.669)**
32.843 (10.484)**
1.304 (0.047)**
-0.641 (0.156)*
-0.693 (0.108)**

3.100 (0.601)**

0.143 (0.032)**
0.122 (0.064)*

0.635 (0.097)**
-0.093 (0.094)
0.021 (0.434)

0.832 (0.340)**
2.454 (0.498)**

1.031 (0.357)**

33.574 (5.480)**

0.475 (0.042)*+
0.141 (0.405)
0.055 (0.073)

2.541 (0.782)**

0.007 (0.016)
0.029 (0.068)

0.412 (0.201)
0.075 (0.081)
0.225 (0.263)

0.051 (0.332)
0.453 (0.926)



Log-likelihood -10020.51 -4950.77 -9906.11 -9924.51 -4938.84 -9910.43 -4940.87 -9807.23
Number of obs. 217204 100548 217204 217204 100548 217204 100548 217204

Note: *** ** and * denote significance levels dte¢ 1%, 5% and 10%, respectively. Robust standaotsesire in parentheses.
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In this table, we first estimate the probabilityeomultinational firm locating in a country
by considering both the NEG model factors and dtaglitional determinants of foreign
firms’ location, such as distance, labour cost haohan capital. We present the results
for two alternative measures of labour cost: GDPcppita and employee compensation.
In the first case, we also estimate the differegional effects for Asia, Latin America,
and Central and Eastern Europe. However, the drastiuction in the number of
observations required to introduce the employeepemsation variable (not available for
many countries in the sample) prevents us froomesing these effects in the latter case.
Second, we have further considered the role thad bad soft infrastructures and

macroeconomic stability play in this choice.

The main results of interest in Table 2 are thaenmeded parameters related to
agglomeration forces, market potential, and codtskills of the labour force. The table
shows that the estimates confirm the systematevagice of the variables identified by
NEG modelg’ The coefficients on the concentration of foreigmred firms and
Spanish-owned firms are both positive and significa every regression. These results
reveal that, for Spanish multinational firms, thesipive spillovers from the
agglomeration of firms more than offset the negatmpact of increased competition.
However, contrary to the results obtained by Crezei. (2004) for French firms, in the
case of Spanish firms, the spillovers arising fiepolustering of foreign-owned firms are
greater than those coming from clusters of Spaovghed firms. This suggests that, for
Spanish investors, on average, the existenceasfja humber of Spanish firms in a given
country is viewed not only as a signal of the pedfility of a certain location but also as
an indicator of stronger competition. This cengduforce derived from the increased
competition due to the clustering of firms seenwmyéver, to be lower in the case of

foreign-owned affiliates.

Our results also reveal that affiliates of Spanmutltinational firms concentrate in
countries with higher market potential, which isagreement with a location choice
driven by market access motivation. The coefficientthis variable is positive and

strongly significant in all regressions. Similasuéis are obtained when, as a robustness

27In these regressions, the sign of the parameterbeanterpreted as the direction of the influeotthe
variable. That is, if a coefficieni) is greater than zero, we can say that the préiyabf choosing a
destination is an increasing function of the asged variableX;). However, the absolute value of the
parameters is meaningless, as the marginal effetdepends oiX.
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analysis, we estimate the model for Latin Americd the CEE separately (Table A.2 in
the Appendix shows these regressigi$urthermore, we observe that after controlling
for the potential regional effects, the influenéeistance on the location of Spanish firms
in foreign markets becomes negative and signifi€arthese findings allow us to
highlight the significant presence of horizontallFd market-seeking motivation in the

offshore activity of Spanish multinationals.

Additionally, and consistent with an efficiency-kew FDI, the estimates show that a
negative impact of labour cost on the probabilityozating a foreign affiliate remains
across regressions. Both GDP per capita and emploympensation present a negative
and significant coefficient in all cases. This éont the harmful influence of higher
labour costs in the attraction of investment floas,shown in previous works (see, for
instance, Mayer et al., 2010, and Nefussi and Skhuge 2010)*°

Concerning the impact of human capital on the looathoice of multinational firms, we
find that the coefficient on the non-income HDpsitive and strongly significant in all
cases. Therefore, as expected, we can say thkst ekdrt a beneficial influence on the
probability of developing and transition economiEsng attractive to Spanish firms.
Gauselmann and Marek (2012) obtained a similadtrémuthe location of multinational

firms in post-transition regions.

Our results also confirm the importance of takintpiconsideration the role played by
infrastructures and the macroeconomic backgrouedaRlless of the measurement, the
availability of physical infrastructures appeard&an important factor in explaining the
location of multinational firms, as derived fronetestimates in Columns 4, 6 and 8 (when
all destination countries under analysis are inetl)dA similar conclusion is highlighted
in the works by Coughlin and Segev (2000), Chaalef2014), and Chen and Kwan
(2000). Likewise, the institutional framework seetngexert an important influence on
the location choice. In line with Busse and HefgR&07), Diez et al. (2016), Globerman

28Given that most of the Spanish affiliates in Agia &frica are concentrated in one single countryi@
and Morocco, respectively), it is not possible stireate the model for these areas separately.

2 Conversely, if we divide the sample by regionsiiagable A.2 in the Appendix), distance seemsaweeh

a positive influence on the location of FDI. Tregprobably because when we focus on destinationtiies
within the same region, physical distance is mdoseaty related with cultural distance than when we
consider destination countries between differegiores.

30The lower variability shown by per capita GDP amaimg countries within the different regions would
justify their lack of significance when we estim#éie model separately for LA and CEE, as showraibld
A.2 in the Appendix.
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and Shapiro (2002) and Mina (2012), among othés,estimated coefficients on the
control of corruption variable for the whole samptéicate that the probability of a
Spanish multinational firm choosing a certain lomatincreases with the quality of the
institutions. These outcomes, however, do not indidn we reduce the sample to include
the employee compensation variable. Nonetheletisoualh this is probably a better
measure of labour cost, the drastic reduction@ttdmple, in general, and the elimination
of important destination countries for the SpanREs, in particular, lead us to be

cautious when interpreting the results from theggassions.

As expected, macroeconomic instability seems toerd&panish investments in
developing and transition economies, although tesult is not very robust. The
coefficient on inflation rate is only significanthen we include all the countries and we

consider the regional effects.

We also found the expected regional effects onladlation decision of MNEs (see

Columns 3 and 8). According to our estimates, Spamultinational firms have a greater
propensity to invest in Latin America and in Cehtmad Eastern Europe than in Asia or
Africa, regardless of the observed attributes himfirst case, as mentioned previously,
this can be explained by the cultural ties betw&eain and LA and hence by the greater

access of Spanish firms to these countries.

Finally, the estimation of standard deviations loé error terms in the MXL models

corroborates the existence of complex substitypiatterns among alternative locations
(as shown at the bottom of Table 2). Particulattyg statistical significance of these
variables reflects the idea that Spanish multimatifirms find closer substitutes, in terms
of location choice, in those countries that sharelar market potential, agglomeration

forces, human capital and ITC. However, distanoadrdensity and macroeconomic
stability do not seem to be relevant charactegstidhe substitution pattern for Spanish

foreign investments.

5. CONCLUSIONS

In recent decades, Spanish FDI in developing aaksition economies has increased
considerably. Taking this fact into account andrimggin mind that the reasons driving
investments in these economies may differ fromehiesieveloped countries, in this work
we analyse what factors drive the offshore locéibraof Spanish MNEs in developing
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and transition economies. A better understandinth@fole played by these factors can
indeed guide policies of recipient economies aimedmproving their potential for

attracting foreign investment inflows. To studystiphenomenon empirically, and given
the availability of firm-level data, we use a mixiegit model, which makes it possible

to consider complex patterns of substitution amalteynative destinations.

Our results show that, in line with the NEG hypeth® both agglomeration economies
and market potential play an important role in libe@ation decision of Spanish foreign

investment in developing and transition econontiesvever, different magnitudes of the
agglomeration economies are obtained for the diugteof foreign-owned firms and

Spanish-owned firms, the latter showing a lowee@ffThis suggests that, in spite of the
positive effect that an increased number of fordigns located in a host country can
have on the location decision, the deterrence effesociated with more competition is

greater for Spanish firms than for firms from otbeuntries.

In addition to geographic factors, we find that thesiness framework also matters for
the location choices of Spanish multinationals. SThaspects related to the business
environment, including the cost and quality of lahothe availability of physical
infrastructures, the institutional background ocneaconomic stability, are also relevant.
These factors are obviously of special relevangmlity-making, as they can be affected
by the national government. In this regard, oudifigs reinforce the idea that in
developing and transition countries a set of petichat broadly benefit the local business
conditions will promote the location of multinatalrfirms and hence the effects derived

from higher foreign investment.

Our estimates further reveal the positive influeoteultural similarities and lower sunk
costs on the location of Spanish multinational firms shown by their greater propensity
to invest in LA and CEE countries. Finally, theuks confirm the advisability of using
a mixed logit model. We find that some degree afadation in the unobserved part of
the profits from investing in different countriesas exist. This gives rise to substitution
patterns among different locations as a resutt®@tbmbination of diverse attributes such
as market potential, skilled labour, agglomeratemonomies, and information and

communication technology.

21



REFERENCES

Asiedu, E. 2002. On the determinants of foreigredirinvestment to developing
countries: is Africa different? World developmed®(1), 107-119.

Barassi, M.R., Zhou, Y. 2012. The effect of corropton FDI: A parametric and non-
parametric analysis. European Journal of Polianomy, 28(3), 302-312.

Barba-Navaretti, G.,Venables, A.J. 2004. Multinasibfirms in the world economy,
Princeton University Press, Princeton.

Barrel, R., Pain, N. 1999. The growth of foreigredt investment in Europe. Innovation,
Investment and Diffusion of Technology in Europeer@an Direct Investment
and Economic Growth in Postwar Europe, Edited byrdaR. and Nigel Pain.
Cambridge University Press, Cambridge, 19-43.

Barrios, S., Gorg, H., Strobl, E. 2006. Multinatdsi location choice, agglomeration
economies and public incentives. International Begli Science Review 29(1),

1-27.

Barry, F., Gorg H., Strobl, E. 2003. Foreign direaotestment, agglomerations, and
demonstration effects: An empirical investigati®eview of World Economics
139 (4), 583-600.

Basile, R. 2004. Acquisition versus greenfield stweent: the location of foreign

manufacturers in Italy. Regional Science and UfBeonomics 34, 3—-25.

Basile, R. Castellani, D., Zanfei, A. 2008. Locatichoices of multinational firms in
Europe: The role of EU cohesion policy. Journalndérnational Economics 74,
328-340.

Basile, R., Kayam, S. 2015. Empirical Literaturelatation Choice of Multinationals.
In Commendatore, P., Kayan, S., and Kubin, I. (EdSpmplexity and
Geographical Economic, chapter 13, 325-351. Sprihngernational Publishing.

Bevan, A.A., Estrin, S. 2004. The determinants afeign direct investment into

European transition economies. Journal of Compar&conomics 32, 775-787.

Blomstrom, M. A.; Kokko, A. 2002. FDI and human @ap a research agenda. OECD
Development Centre Working Paper 195.

22



Blonigen, B.A. 2005. A Review of the Empirical Liggure on FDI Determinants.
Atlantic Economic Journal 33, 383—403.

Blonigen, B.A., Wang, M. 2005. Inappropriate Pogliof Wealthy and Poor Countries
in Empirical FDI Studies. In Moran, T., Graham,&ad Blomstrom, M. (eds.):
Does FDI Promote Development? Institute for Intéomal Economics,
Washington D.C. 221-243.

Brainard, S.L. 1997. An Empirical Assessment ofRneximity-Concentration Trade-off
Between Multinational Sales and Trade. AmericannBoaic Review 87(4), pp.
520-544.

Brownstone, D., Train, K. 1999. Forecasting newdpat penetration with flexible

substitution patterns. Journal of Econometrics 84Q9-129.

Busse, M., Hefeker, C. 2007. Political risk, indiibns and foreign direct investment.

European journal of political economy, 23(2), 3954

Cheng, L.K., Kwan, Y.K. 2000. What are the deteramits of the location of foreign
direct investment? The Chinese experience, Jowmktternational Economics
52(2), 379-4000.

Coughlin C., Segev, E. 2000. Location determinanfs new foreign-owned

manufacturing plants, Journal of Regional Sciedte323-351.

Crozet, M., Mayer, T., Mucchielli, J.L. 2004. How tirms agglomerate? A study of FDI
in France. Regional Science and Urban Economick)347-54.

Debaere, P. 2003. Relative Factor Abundance andeTdournal of Political Economy,
11(3), 589-610.

Demekas, D., Horvath, B., Ribakova, E., Wu, Y. 20B@reign direct investment in
European transition economies. The role of policiksurnal of Comparative
Economies 35(2), 369-386.

Diez, J.R., Schiller, D., Zvirgzde, D. 2016. Doibgsiness in Ukraine—multinational
companies in the trap of regional institutions?viEsmment and Planning C:

Government and Policy, 1-19.

23



Disdier, A-C., Mayer, T. 2004. How different is Ea® Europe? Structure and
determinants of location choices by French firmEastern and Western Europe,

Journal of Comparative Economies 32, 280-296.

Drogendijk, R., Martin, O.M. 2015. Relevant dimems and contextual weights of
distance in international business decisions: Exdddrom Spanish and Chinese
outward FDI. International Business Review, 24(133-147. Duranton, G.,
Overman, H.G., 2008. Exploring the detailed locatipatterns of UK
manufacturing industries using microgeographic .dakaurnal of Regional
Science 48(1), 213-243.

Faeth, I. 2009. Determinants of Foreign Direct Btagnt — A Tale of Nine Theoretical
Models. Journal of Economic Surveys 23 (1), 165-196

Frenkel, M., Funke, K., and Stadmann, G. 2004. Aepanalysis of bilateral FDI flows

to emerging economies. Economic System, 28, 281-300

Fujita, M., Thisse, J-F. 2002. Economics of Aggloatien: Cities, Industrial Location,
and Regional Growth. Cambridge University Pressn@adge, UK.

Gauselmann, A., Marek, P. 2012. Regional deterntsnahMNE’s location choice in

post-transition economies. Empirica, 39(4), 487:511

Globerman, S., Shapiro, D. 2002. Global Foreigre@iinvestment Flows: The role of

Governance Infrastructure. World Development 30(1899-1919.

Guimaraes, P., Figueiredo, O., Woodward, D. 20afglédmeration and the location of
foreign direct investment in Portugal. Journal ab&dh Economics 47(1), 115-
135.

Harris, C.D. 1954. The market as a factor in tloaliazation of production. Annals of the

Association of American Geographers 44, 315-348.

Head, K., Mayer, T. 2004. Market Potential andltbeation of Japanese Investment in
the European Union, The Review of Economics ants8ts 86(4), 959-972.

Head, K. Ries, J., Swenson, D. 1995. AgglomeraBenefits and Location Choice:
Evidence from Japanese Manufacturing Investmetitarinited States, Journal
of International Economics 38(3-4), 223-247.

24



Head, K., Ries, J., Swenson, D. 1999. Attractingeifppn manufacturing: investment
promotion and agglomeration. Regional Science arfghity Economics 29(2),
197-218.

Head, K.T. Mayer, Ries, J. 2002. Revisiting oliglgtec reaction: are decisions on
foreign direct investment strategic complements@rrild of Economics &
Management Strategy 11(3), 453-472.

Hensher, D.A., Greene, W.H. 2003. The mixed logadei: the state of practice.
Transportation 30(2), 133-176.

Herriges J.A., Kling, C.L. 1997. The Performanc®&ekted Logit Models When Welfare
Estimation Is the Goal. American Journal of Agriatél Economics 79(3), 792-
802.

Hilber, C.A.L., Voicu, I. 2010. Agglomeration Ecamees and the Location of Foreign
Direct Investment: Empirical Evidence from Romariaegional Studies 44(3),
355-371.

Hole, A.R. 2007. Estimating mixed logit models @smaximum simulated likelihood.
Stata Journal 7(3), 388-401.

International Labour Organization. 2008. Global W&gport 2008/09. Minimum wages
and collective bargaining: Towards policy coherentrgernational Labour

Office, Geneva.

International Trade Center. 2011. Investment Mapabese, UNCTAD and WTO.

Available from Internet: http://www.investmentmamb

Javorcik, B.S., Wei, S.J. 2009. Corruption and silosrder investment in emerging
markets: Firm-level evidence. Journal of InternadidVioney and Finance, 28(4),
605-624.

Kang, Y., Jiang, J. 2012. FDI location choice ofingse multinationals in East and
Southeast Asia: Traditional economic factors anstitutional perspective.
Journal of World Business 47, 45-53.

Kinda, T. 2010. Investment climate and FDI in depahg countries: firm-level evidence.
World development, 38(4), 498-513.

25



Kinoshita, Y., Campos, N.F. 2003. Why Does FDI Gbané it Goes? New Evidence
from the Transitional Economies. CEPR DiscussiomelP& 3984.

Krugman, P.R. 1991a. Increasing Returns and EcanG@mography. Journal of Political
Economy 99(3), 483 — 99

Krugman, P.R. 1991b. Geography and Trade. The MBEs$? Cambridge, USA, and
London, UK.

Krugman, P.R. 1999. The Role of Geography in Dgwalent. International Regional
Science Review 22(2), 142-161.

Lucas, R.E. 1990. Why Doesn't Capital Flow fromiRiw Poor Countries? The American
Economic Review 80. (2). Papers and ProceedingseoHundred and Second

Annual Meeting of the American Economic Associati®n-96.

Majocchi, A. Presutti, M. 2009. Industrial clusteestrepreneurial culture and the social
environment: The effects on FDI distribution. Imational Business Review 18,
76-88.

Mariotti, S., Piscitello, L., Elia, S. 2010. Spéatiagglomeration of multinational
enterprises: the role of information externaliaesl knowledge spillovers, Journal
of Economic Geography 10(4), 519-538.

Mayer, T., Méjean, I., Nefussi, B. 2010. The looatof domestic and foreign production
affiliates by French multinational firms. Journ&llérban Economics 68(2), 115-
128.

McFadden, D. 1974. Conditional Logit Analysis of @itative Choice Behaviour. In:
Zarembka, P. (Ed.), Frontiers in econometrics, CHapAcademic Press, New
York, 105-142.

McFadden, D., Train, K. 2000. Mixed MNL models fdiscrete response. Journal of
Applied Econometrics 15(5), 447-470.

Mina, W.M. 2012. The institutional reforms debatel & DI flows to the MENA region:
the “best” ensemble. World Development, 40(9), :1889.

26



Neary, J.P. 2001. Of hype and hyperbolas: intraduthe new economic geography.
Journal of Economic Literature 39(2), 536-561.

Nefussi, B., Schwellnus, C. 2010. Does FDI in mantuiring cause FDI in business
services? Evidence from French fitevel data. Canadian Journal of

Economics/Revue canadienne d'économique, 43(1)2280

Noorbakhsh, F., Paloni, A., Youssef, A. 2001. Huneapital and FDI inflows to
developing countries: New empirical evidence. Warl/elopment 29(9), 1593-
1610.

Portugal-Perez, A., Wilson S. 2010. Export Perfarogaand Trade Facilitation Reform:
Hard and Soft Infrastructure, World Bank Policy Bagh Working Paper
Number 5261.

Procher, V. 2011. Agglomeration effects and thation of FDI: evidence from French
first-time movers. The Annals of Regional Scient®{(2), 295-312.

Pusterla, F., Resmini, L. 2007. Where do foreigmgi locate in transition countries? An

empirical investigation. Annals of Regional Sciedde 835-856.

Rasciute, S., Puckett, S., Pentecost, E.J. 20&lalltcation of OECD direct investment

between CEECSs: A discrete choice approach. BultdtEBconomic Research.
Train, K. 2002. Discrete Choice Methods with Sintiola. Cambridge University Press.

UNCTAD. 2015. World Investment Report 2013: Refargilnternational Investment

Governance. United Nations, New York and Geneva.

UNDP. 2011. Human Development Report, Sustainglaiitd Equity: A Better Future

for All. the United Nations Development ProgramiNew York.

Zhang, K. 2001. Does foreign direct investment prtaneconomic growth? Evidence
from East Asia and Latin America? Contemporary Bcoic Policy 19(2), 175-
185.

Zhang, K., Markusen, J. 1999. Vertical multinatienand host-country characteristics,

Journal of Development Economics 59, 233-252.

27





